Chapter 2

Preliminaries

In this chapter, we introduce key preliminary material needed later. After some initial
notation, we define the domains (the symmetric hypercubes), probability measures
(the uniform and Chebyshev measures, respectively) and the Lebesgue—Bochner
spaces. We next formalize our main smoothness assumption: namely, holomorphy
in suitable (unions of) Bernstein polyellipses. We then introduce orthogonal poly-
nomial expansions and best s-term polynomials approximations, before discussing
sequence spaces and best s-term approximations of sequences. Finally, we conclude
by reviewing algebraic and exponential rates of convergence for best s-term polyno-
mial approximations, before a short discussion on lower and anchored sets.

2.1 Notation

We first introduce some notation. For d € N, we write [d] = {1,...,d}. We also
extend this to allow for d = oo, in which case [d] = N is the set of positive integers.
For d € N U {co}, we write ej, j € [d], for the standard basis vectors, i.e., e; =
(8jk)ke[d)- Also for d € N U {oo}, we write R4 or C? for the vector space of real
or complex vectors of length d. Note that when d = oo, R and C? are the vector
spaces RN and CN of real- or complex-valued sequences indexed over N.

For 1 < p < oo, we write ||-||, for the usual vector £#-norm and for the induced
matrix £Z-norm. When 0 < p < 1, we use the same notation to denote the £7-
quasinorm. For 1 < p, g < oo we define the matrix £7>9-norm of an m X n matrix
G = (G as |Glpq =271 (i, |G;;|7)4/?, and similarly when p = oo
or g = 0o.

Throughout this work, we consider sets of multi-indices. Let d € N. Then we
define the multi-index set ¥ as the set of nonnegative multi-indices, i.e.,

F = Ng = {v = (vk),‘f:1 TV € No}, d < oo. (2.1

When d = oo, we consider multi-indices in N§I with at most finitely many nonzero
terms, i.e., we define

Fi={v=00, eNy : [{k:veg #0}| <00}, d=o00. (22

In either finite or infinite dimensions, we write 0 and 1 for the multi-indices consisting
of all zeros and all ones, respectively. Finally, the inequality g < v is understood
componentwise for any multi-indices g and v.
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2.2 Domains and function spaces

Leto =0V bea probability measure on [—1, 1]. In this work, we focus on two main
examples, the uniform and Chebyshev (arcsine) measures. These are defined by

do(y) =2""'dy, and do(y) = dy, ye, (23)

1
/1 —y?
respectively. See Chapter 11 for a short discussion on other domains and measures.
In finite dimensions, we let U = [—1, 1]¢ be the symmetric d-dimensional hyper-
cube and write y = (y1,...,yqg) € U for the variable in this domain. We define a
probability measure on U as the product measure

@ .= o) (1

0=o0 —ex .

In particular, the d -dimensional uniform and Chebyshev measures are given by

d
_ 1
do(y)=2"%dy and do(y)=1]]

—dy’
k=171 —yZ

respectively. In infinite dimensions, we consider the domain U = [—1, 1]N and write
y = (¥1,Y2,...) € U for the variable in this domain. The Kolmogorov extension
theorem (see, e.g., [136, Section 2.4]) guarantees the existence of a tensor-product
probability measure on U, which we denote as

0= Q(OO) — l_[ Q(l).
keN

Vy e U,

In either finite or infinite dimensions, for 1 < p < co we write L} (U) for the corre-
sponding weighted Lebesgue spaces of complex scalar-valued functions over U and
||'||Lg(‘u) for their norms.

Throughout, we let V be a separable Hilbert space over C (it presents few diffi-
culties to consider a complex field instead of the real field). We write (-, -)y and |-||y,
for its inner product and norm. We define the weighted (Lebesgue-)Bochner space
L2 (U; V) as the space consisting of (equivalence classes of) strongly o-measurable
functions f : U — V for which ||f||Lg(‘u;V) < o0, where

1/
_ S IfF OIS de())? 1< p <o,
||f||Lg(u;V) =
esssupy ey |/ ()lly p = o0.

Note that L5 (U) is a special case of L5 (U; V) corresponding to V = (C, |-|).
When V is infinite dimensional, we usually cannot work directly with it. Hence,
we consider a finite-dimensional discretization

Vi, CV. (2.4)



Holomorphy 13

Here i > 0 denotes a discretization parameter, e.g., the mesh size in the case of a
finite element discretization (as is common in parametric DEs). In the context of
finite elements, assuming (2.4) corresponds to considering so-called conforming dis-
cretizations. We let {¢x }le be a (not necessarily orthonormal) basis of V},, where
K = K(h) = dim('Vy,). We write $, : 'V — 'V}, for the orthogonal projection onto
V}, and, for f € LZ(‘U; V), welet Py, f € Lé(‘u; V1) be the function defined almost
everywhere as

(Pr)Y)=Pu(f(¥)). yel (2.5)

2.3 Holomorphy

Here we recall the definitions of holomorphy and holomorphic extension for Hilbert-
valued functions. We note that equivalent definitions are possible (see, e.g., [77,
Chapter 2]) and that the definition employed in this work is based on the notion of
the Gateaux partial derivative. For other details on differentiability of Hilbert-valued
functions we refer to [22, Chapter 17], and the references therein. Note the follow-
ing definitions apply in both the finite- (d € N) and infinite- (d = oo) dimensional
settings, where we recall that [d] = N and C¢ = CN when d = occ.

Definition 2.1 (Holomorphy; finite- or infinite-dimensional case). Letd € N U {co},
O C C? be an open set and 'V be a separable Hilbert space. A function f : @ — V
is holomorphic in O if it is holomorphic with respect to each variable in (. That is to
say, for any z € @ and any j € [d], the following limit exists in V:

i L@t he) =@ o)

heC h
h—0

Let f:U — Vand U C O € C? be an open set. If there is a function f :
O — V that is holomorphic in @ and for which f |y = f, then we say that f has a
holomorphic extension to O, or simply, that f is holomorphic in @. In this case, we
also define || f'|| oo(@:v) := II.f | Loo(@;v) OF, when V = C, simply || f [| oo (@)- If O is
a closed set, then we say that f is holomorphic in @ if it has a holomorphic extension
to some open neighborhood of ©.

We are interested in approximating Hilbert-valued functions f : U — V that are
holomorphic in suitable complex regions containing U — specifically, regions defined
by Bernstein (poly)ellipses. When d = 1 the Bernstein ellipse of parameter p > 1 is
given by

1
sz{i(z—l—z_l):ze(c, 1§|Z|§p}C(C.

This is an ellipse with 1 as its foci and major and minor semi-axis lengths
%(p + p71). For d € N U {00}, given p = (pj);.l;l € R4 with p > 1, we define
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the Bernstein polyellipse as the Cartesian product
E(p) = E(p1) x &(pz) x -+ C CY,

We denote the class of Hilbert-valued functions that are holomorphic in &(p) with
norm at most one as

B(p) ={f :U— "V, f holomorphicin &(p). || fllLccg(py:vy <1} (2.6)

In infinite dimensions, we also consider a class of functions that are holomorphic in
a certain union of Bernstein polyellipses. Let 0 < p < 1, e > 0and b = (b))jeN €
£P(N). We define

o) . -1
R(b.e) = U{é‘(p) tp>1, Z(% - 1)b,~ < s}.
j=1

In analogy with B(p), we write
B(b,e) ={f:U—V, f holomorphicin R(b,¢), I/ | Lo (R(B.e):v) = 1} .7

for the corresponding space of functions that are holomorphic in R (b, ¢) with norm
at most one.

2.4 Orthogonal polynomials, polynomial expansions and best s-term
polynomial approximation

Under mild assumptions on 0! (see, e.g., [106, Section 2.1] or [132, Section 2.2]),
there exists a unique orthonormal polynomial basis {W, },en, of LZ([—], 1]), where

v, = ‘Iﬁ(,l) is a polynomial of degree v. For the measures (2.3), these are the Legendre
and Chebyshev polynomials, respectively. Given the corresponding tensor-product
measure ¢ on U = [—1, 1], we construct an orthonormal basis

{(Uyyes C L2(U)

of L2(U) via tensorization

v, (y) = 1_[ \pvk(yk)y yelU, ve¥.
keld]

Note that \I’(()l) = 1 since 0" is a probability measure. Therefore, since v € ¥ has
only finitely many nonzero entries, in infinite dimensions this equivalent to

lIjv(.)’)z 1_[ lI"vk(yk),

kg #0

which is a product of finitely many terms.
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Let f € LZ(‘L{; V). Then it has the convergent expansion (in LZ,(‘U; V)) given by

=) ¥, ¢:= /uf(y)‘llv(y)dg(y) S (2.8)

veF

where the coefficients ¢, are elements of V. Now let S C ¥ be a finite index set and

Py = {Z W, t ey € v} C L2(U; V). 2.9)

veS

Then the L?(U; V)-norm best s-term polynomial approximation f; of f is defined
as

fs € argmin{||f —g||L5(u;v) g ePsy, SCF,|S|= s}. (2.10)
Note that f; has the explicit expression

fs = Z cy Wy,

veS*

where S* C F, |S*| = s, is a set of consisting of the multi-indices of the largest s
values of the coefficient norms (||cy||), end- By Parseval’s identity, the error of this
approximation satisfies

Lf = fllzaw = [ el (2.11)
vES*

2.5 Sequence spaces and best s-term approximation of sequences

The expression (2.11) motivates studying s-term approximation of sequences of poly-
nomial coefficients. To do this, we now introduce some further notation.

Let A € F denote a (possibly infinite) multi-index set. We write v = (Vy)pen
for a sequence with V-valued entries v, € V. For 1 < p < oo, we define the space
£P(A;V) as the set of those sequences v = (Vy)yea for which ||v| .y < oo, where

1
{(Zm oo [12)"7 1< p < oo,

Iollp;v ==
supyen [lvvlly p = oo.

Note that £2(A; V) is a Hilbert space with inner product

(U, v)2p =) (uy.vy)v.
veEA
On occasion, we will consider complex, scalar-valued sequences. In this case, V =
(C, |+]) in the various definitions above. For ease of notation, we simply write £7 (A),
Il 5> (-, )2 and so forth in this case.
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Definition 2.2 (Sparsity). Let A € F and ¢ = (cy)pea be a V-valued sequence. The
support of c is the set

supp(c) = {v € A : [ley [y # O}

A sequence is s-sparse for some s € Ny satisfying s < |A| if it has at most s nonzero
entries, i.e.,

|supp(c)| <'s.

Definition 2.3 (Best s-term approximation error). Let A € ¥, 0 < p < o0, ¢ €
LP(A;V) and s € Ny with s < |A|. The £P-norm best s-term approximation error
of ¢ is

05(¢)p;v = min{|lc — || ey 1 2 € LP(A;V), |supp(z)] < s}

Let ¢ = (cp)ves be the coefficients of some function f € LZ(‘U; V), as defined
in (2.8). Then, when p = 2, we have the following:

os(©)av = If = fsllLzusvy

where f; is its best s-term polynomial approximation (2.10). Therefore, we can study
the error of f; by studying the quantity o (c)»,v. For notational purposes, we denote
this quantity in terms of the coefficients ¢. However, on some occasions, this term is
expressed as o (f)a;v instead.

2.6 Rates of best s-term polynomial approximation

As noted, best s-term polynomial approximation of holomorphic functions is a well-
studied subject, especially in the context of solutions of parametric DEs. See, e.g.,
[23-25,27,36,42,43,75,115,139, 141] and, in particular, [41] and [8, Chapter 3]. In
this section, we recap two standard types of error decay rates for this approximation,
those of algebraic and exponential type, respectively. Note that these results are for
Chebyshev and Legendre polynomial approximations — the main focus of the work.
The latter type of decay rate holds in finite dimensions, while the former holds in
both finite and infinite dimensions. In this work, these error decay rates serve as the
optimal benchmark against which to compare the approximations computed from
sample values.

The following two results are standard, and have appeared in various different
guises in the aforementioned works.

Theorem 2.4 (Algebraic rates of convergence; finite-dimensional case). Let 0 < p <
1 and f € B(p) for some p > 1. Let ¢ = (CV)veNg be as in (2.8). Then, for every
s > 1 there are sets S1, Sy C F, |S1],|S2| < s, such that

If = Isillezeuwy =€ sV2TVP | f = syl peoquiyy < C - 8'TVPL (2.12)
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where fs; = ZveS,- cyVy fori =1,2and C = C(d, p, p) > Odepends on d, p and
p only.

Theorem 2.5 (Algebraic rates of convergence; infinite-dimensional case). Let 0 <
p<le>0b=(bj)jen €lP’(N)and f € B(b,e), where B(b, ¢) is as in (2.7).
Then, for every s > 1 there are sets Sy, S» C ¥, |S1],|S2| <'s, such that

Lf = Fsilizquwy < € sV 1f = fssllpsoqumy < € -s'7V7, (2.13)

where fs; = Zvesi ey, fori =1,2and C = C(b, ¢, p) > 0 depends on b, ¢ and
p only.

Observe that the curse of dimensionality is not avoided in the constant C(d, p, p)
in (2.12), but it is avoided in the rate. Conversely, (2.13) holds in infinite dimensions.

We next state a result on exponential convergence in finite dimensions. Such rates
have been established in various different works (see, e.g., [23,24,41,115,141]). The
following result is a minor modification of [8, Theorem 3.25], in which we allow
arbitrary s > 1 at the expense of a constant C in the error bound.

Theorem 2.6 (Exponential rates of convergence; finite-dimensional case). Let f €
B(p) for some p > 1 and ¢ = (c,,)veNg be as in (2.8). Then, for every s > 1 there is
asetS C F,|S| <s, such that

ILf = fslzaumy < IF = Fsllzsoquwy < C -exp(—ys'/?), (2.14)
forall
d 1/d
O<y<(d+17"! (d! 1 ln(pj)) , (2.15)
j=1

where fs =Y ,cg vV and C = C(d,y, p, p) > 0 is a constant depending on d,
y, p and p only.

In Appendix A we show how these three theorems can be obtained as immediate
consequences of several more general results.

Remark 2.7. It is possible to improve the rate (2.14) by removing the (d + 1)~}
factor in (2.15) [141]. The difficulty in doing this is that such rates are not necessarily
attained in lower sets (this is, however, true if p is sufficiently large — see [8, Lemma
7.20]). As we discuss next, lower sets are a crucial ingredient in our analysis. Fortu-
nately, the rates described in Theorem 2.6 can always be attained in lower sets.

2.7 Lower and anchored sets

Our objective in this work is to construct a polynomial approximation that attains
error bounds that are similar to those of the best s-term approximation fs, for any
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holomorphic function f. Hence, ideally, we would have access to the multi-index
set S corresponding to the largest s coefficients of f (measured in the V-norm).
As discussed, this is not possible in general, since the only information we have
about f is its values at a finite number of sample points. Another problem is that
such coefficients could occur at arbitrarily large multi-indices, thus necessitating a
search over infinitely many multi-indices. Fortunately, it is well known that near-best
s-term polynomial approximations can be constructed using sets of multi-indices with
additional structure. These are lower sets (used in the finite-dimensional case) and
anchored sets (used in the infinite-dimensional case). Classical references for lower
and anchored sets include [50, 90,96, 138]. More recently, these structures have been
used extensively in the construction of interpolation, least-squares and compressed
sensing schemes for polynomial approximation with desirable sample complexity
bounds (see, e.g., [8] and references therein).

Definition 2.8. A set A C F is lower if the following holds for every v, u € ¥:
(veAandpu <v) = p € A.
A set A C F is anchored if it is lower and if the following holds for every j € N:
ejcA={ej,ex....ej} CA.

Lower sets are typically used in finite-dimensional settings, with anchored sets
being employed in infinite dimensions. They are key concepts that we exploit in this
work. To underscore their usefulness, we remark in passing that the rates articulated
in not just Theorem 2.6, but also Theorems 2.4 and 2.5, can all be attained using s-
term approximations in lower or anchored sets, subject to some modifications. See
Appendix A.



