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ABSTRACT. Control of hyperbolic partial differential equations (PDEs) is a
truly interdisciplinary area of research in applied mathematics nurtured by
challenging problems arising in most modern applications ranging from road
traffic, gas pipeline management, blood circulation, to opinion dynamics and
socio-economical models, as well as in environmental and biological issues, or
more recently in the analysis of deep learning and machine learning methods.
The topic has gained an increasing attraction of researchers in the last twenty
years due to fundamental theoretical as well as numerical advances achieved
in the field of nonlinear hyperbolic PDEs. The hyperbolic and the control
of PDEs communities, while pursuing separate interests in their respective
range of action with a different focus and, often, with a different array of
technical tools, do share a substantial body of common knowledge and back-
ground. We think the time is right and the momentum is propitious to bring
those communities together at a joint workshop, to mutually stimulate each
other and interact with one another, for a marked advancement of this area of
research on a broad spectrum of control ranging from theoretical to numerical
problems and covering also the emerging challenges involving the interplay
between (topics of) control and learning. In order to also attract young scien-
tists to this striving field we focus on selected lectures, in-depth discussions,
transfer of information from senior to young researchers, and vice versa, and
invited plenary talks.
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Introduction by the Organizers

The workshop Control Methods in Hyperbolic PDEs, organized by F. Ancona
(Padua), B. Anvari (London), O. Glass (Paris) and M. Herty(Aachen) was well
attended with over 40 participants with broad geographic representation from all
continents. This workshop was a nice blend of researchers with various back-
grounds. The presentations fostered discussions and exchange on emerging points
of interest. Young researchers had also the opportunity to give ad hoc presen-
tations in the afternoon to present their research and to benefit from discussions
with colleagues in their field of research. The intention of the workshop has been
to cover three topics that are currently very relevant for the future of the field.

First, hyperbolic equations on networks have been studied recently inspired by
applications in infrastructure networks. Control questions arise naturally by con-
sidering for example nodal flow regulation or capacity planing problems. Usually,
the problems lead to spatially one-dimensional hyperbolic equations that allow for
a broader range of applicable tools. Natural boundary controllability questions
need to be addressed. In the case of regular solutions very general results were ob-
tained in the recent past while the case of entropy weak solutions is much less clear.
For example, a very important question is to understand how these equations can
be controlled when the control is applied only on one side of the boundary. New
ideas of methods of vanishing viscosity and relative entropy analysis in order to
understand the well-posedness and control for the dynamics shall be considered.
The topic is strategically located in a dimension between one and two and bridges
the rather broad knowledge on one-dimensional problems with the less established
theory in multiple dimensions by studying problems on highly connected graphs.

Second, the topic of closed—loop feedback controls has been intensively studied
in the context of ordinary differential equations but its development for hyperbolic
problems is still in early stage besides strong progress on methods and tools in
the case of smooth solutions. The rigorous analysis of control strategies, the
incorporation of complex flow models in the numerical simulation, as well as, error
estimates for the numerical approximation are not yet fully understood. Challenges
like nonlinear models, online efficient control in particular for large scale networks
are also currently absent. Feedback laws using methods of suitable Lyapunov
functions have been applied to control smooth and mildly nonlinear flow patterns.
Questions on how to extend this to strong nonlinearities and on how for example
entropy and entropy flux pairs may be applied to obtain results also for weakly
differentiable functions will be considered in this part. Closed—loop systems might
be studied without relying on a sensitivity calculus and therefore we placed this
topic in the middle between a pure Cauchy problem and a possible optimality
system arising in open loop control. Techniques developed here might therefore
shed light on possible ways to tackle problems in open loop control.

Third, apart from formal approaches, very little is known about the link of the
sensitivity of particle based models with corresponding sensitivity of the formal
kinetic equations. Presentations on individual-based models, their rigorous coarse-
graining into macroscopic models and possible applications will be given. The
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agent based models have the advantage that they consists of finitely many ordinary
differential equations such that control concepts are readily available. The coarse
graining of those concepts to derive a suitable calculus on the kinetic level will
be a first step towards a simi lar calculus on the macroscopic, i.e., hyperbolic
level. Therefore, this topic might open new ways to derive suitable concepts for
control questions by revisiting existing hierarchies from particles to kinetic and
hyperbolic equations. In a similar spirit, recent advances in the (characteristic-
like) Lagrangian representation techniques developed for nonlinear conservation
laws could provide powerful tools to address controllability and optimality issues
in mixed PDE-ODE problems arising for example in mixed traffic flow. This
may include also control problems for PDE-ODE models and nonlocal models
that naturally arise in pedestrian traffic and autonomous vehicles applications,
as well as in supply-chain for complex production networks. Further, there are
formulations of dense neural networks where coarse graining has been proposed to
develop an efficient description that is amend- able for optimization and control
methods. Those in turn could be beneficial in understanding training process of
complex learning tasks.

The workshop succeeded in having talks on all fields as well as intensive dis-
cussions across those. The following extended abstracts illustrate this nicely and
summarize very well the successful workshop.
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Abstracts

Bilinear control of PDE’s by bounded or unbounded scalar-input
control and constructive algorithms for concrete applications

FATIHA ALABAU-BOUSSOUIRA
(joint work with Piermarco Cannarsa, Cristina Urbani)

Scalar-input bilinear controlled abstract PDE’s systems take the form:

{u’(t) + Au(t) + p(t)Bu(t) = 0, t € [0,T),

L u(0) =up € X,

where X is the state space, A stands for the diffusion operator, A : D(A) C
X + X is a linear unbounded operator and the infinitesimal generator of a C°
semigroup of bounded linear operators on X, B is a fixed given control operator
with B : D(B) C X + X is a linear (bounded or unbounded) operator on X.
Here u stands for the state depending on time and taking values in X, and the
control p satisfies p : [0,7] — R, so that the control is a real scalar-valued function
that appears as a multiplicative factor acting on the state u (see [7, 9, 10] and
references therein).

Such abstract formulation have applications in quantum control (Schrédinger
equation) or for the evolution of a probability density (Fokker-Planck equation),
on the modeling of nuclear chain reactions for the processes of production of neu-
trons in fission (heat-based models) or for mechanical systems (such as beams)
for describing the dynamics of smart materials. We consider mainly in the sequel
heat-based models.

1. LOCAL AND SEMI-GLOBAL EXACT CONTROLLABILITY TO THE GROUND STATE

We consider (1) under the following assumptions: (X, {-,-),|| - ||) is a separable
Hilbert space, B € L(X), p € L},,(0,00);R), A: D(A) C X — X is a densely
defined linear operator satisfying:

A is self-adjoint
(2) Jo>0: (Az,x) > —ol|z||> V2 € D(A) (Assumptions on A)
3 A > 0: such that (A + A)~! : X + X is compact

so that X has an orthonormal basis (pg)ren+ formed of eigenvectors of A, the
eigenvalues (Ag)ren+ of A are bounded below by o, ordered in a nondecreasing
sequence converging to co as k goes to infinity. Setting ¥;(t) = e—\;tp;, we
prove:

Theorem 1 (A.-B., Cannarsa, Urbani NoDEA 2022). Let A be a densely defined
linear operator on X satisfying the above assumption, and B € L(X). Assume
that {A, B} is j—null controllable in any time T > 0 for some j € N*. Suppose
that the control cost N(-) satisfies: N(1) < e’/T ¥V 1€ (0,Ty] (CCC), for some
constants v > 0 and Ty > 0. Then for any T > 0, there exists a constant Rp > 0
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such that for any uo € B(p;, Rr), there exists a control p € L*(0,T) such that the
solution of (1) satisfies w(T;uo, p) = ¥;(T) (with explicit estimates on the control
cost).

Theorem 2 (A.-B., Cannarsa, Urbani NoDEA 2022, with applications to the
Fokker-Planck equation). Let A satisfy (Assumptions on A) and be such that the
(Gap Condition holds). Let B € L(X) be such that there exist b > 0, ¢ > 0
such that the following non vanishing condition (NVC) (first assumption) and
asymptotic behavior (second inequality) hold:

) (Byj,pj) 70 (NVO) & |\ = M| [(Bgj, o) 2 b ¥ k #j (AB).

Then the pair {A, B} is j — null controllable in any time T > 0 and the control
cost satisfies (Control Cost Condition) with explicit estimates.

Thus, (1) is locally controllable to the jth eigensolution ¢, in any time 7' >
0. Furthermore when A is an accretive operator, we prove additional two semi-
global controllability results, showing that every ug € X\¢f is controllable to the
evolution (i.e. the dynamical system without control) of its orthogonal projection
along the ground state.

2. UNBOUNDED CONTROL OPERATOR AND APPLICATIONS

Let (X, {-,-),]]|]|]) be a separable Hilbert space. Let A : D(A) C X — X be a
densely defined linear operator with the following properties:

(a) A is self-adjoint,
(b) (Az,z) >0, Vz e D(A), (New Assumptions on A)
(¢) IA>0: (M +A)~!:X — X is compact.

Under the above assumptions A is a closed operator and D(A) is also a Hilbert
space with respect to the scalar product (x,y)pay = (z,y) + (Az, Ay), Vaz,y €
D(A). Note also that —A is the infinitesimal generator of a strongly continuous
semigroup of contractions on X which is also analytic and will be denoted by e~*4.
We also assume that B : D(B) C X — X be a linear unbounded operator such
that D(A'Y?) < D(B) with continuous embedding.

Theorem 3 (A.-B., Cannarsa, Urbani Comptes Rendus Mathématique 2023). Let
A and B : D(B) C X — X be a linear unbounded operator satisfying the above
hypotheses. Let {A, B} be 1-null controllable in any T > 0 with control cost N(-)
such that there exist v, Ty > 0 for which (CCC) holds. Then, for any T > 0, there
exists a constant Ry > 0 such that, for any uo € B, 1/2(1), there exists a control
p € L?(0,T) for which (1) with initial data ug € D(AY?) is locally controllable to
the ground state solution in time T, that is, u(T;ug,p) = 1 (T).

Remark 1. We show that the above assumptions can be weakened in order to in-
clude the cases when A admits negative eigenvalues. We also prove two semi-global
exact controllability results to the ground state, or to its orthogonal projection.
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3. AN ORIGINAL METHODOLOGY AND ALGORITHM

We developed a general method for producing infinite classes of potential functions
that fulfill the non vanishing condition (NVC) holds (see the first condition in (3)),
for the above results to hold. We also provide an algorithm to derive functions p
(the dipole moment for the Schrodinger equation for instance). The asymptotic
lower estimates (AB) for an appropriate ¢ can also be deduced thanks to our
results. It also allows to derive new spaces X in which several of the above theorems
hold.

Theorem 4 (A.-B., Urbani 2019-2020). Let T' > 0 be given and u € (S)nve
(as given in A.-B.-Urbani’s algorithm). Then there exist 6 > 0 and a C' map

I': Ry — L?(0,T) such that F(wl(T)) =0, and for all uy € Ry, the solution of

the Schridinger equation with initial data ug = @1 = ¥1(0) and control p = T'(uy)
satisfies uw(T) = uy where P¥1(t,z) = e~ Mlpi(z) Vit >0,V x € [0,1] and for
T>0and >0, Rr ={uy € SND(A), |luf — 1 (T)||g2 < 6}

4. SOME PERSPECTIVES AND OPEN QUESTION

Whenever the moment method is used, it reduces the scope to 1D or radial results.
This raises the question of proving j—null controllability, by other strategies for
2D and 3D controllability results such that the ones relying on (3). Extension
to semi-linear parabolic dynamical systems, more complex models and to build
efficient numerics are also of great interest. For the Fokker-Planck equation we
cannot handle the case of perfectly reflecting boundary conditions for which D(A)
becomes a domain that both depends on the time and the control function p. It
is an open question to treat such boundary conditions.
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Instabilities in machine learning and in PDEs
GIOVANNI S. ALBERTI
(joint work with Rima Alaifari, Tandri Gauksson)

Adversarial examples in classification. Deep neural networks (DNN) in clas-
sification have been shown to be susceptible to adversarial perturbations [8]: small
changes in the inputs can lead to misclassification. In other words, given an image
x that is correctly classified by the network, it is possible to construct an adver-
sarial example z’ that is visually indistinguishable from z but misclassified by the
network. The standard measure of the distance between x and 2’ is given by a
suitable norm of z — 2/, e.g.
|z — 2|00 <e.

Here, it is required that the maximum pixel perturbation in the adversarial exam-
ple is smaller than or equal to . For this reason, z’ is an adversarial (additive)
perturbation of x.

It is natural to wonder about the best way to measure the distance between
x and /. While the above approach is easy to interpret and straightforward to
implement, it is also clear that many small transformations between two images are
not captured. For example, if 2’ is a small translation of x, their image content is
unchanged, but ||z — z’|| e will not be small. This observation leads us to consider
adversarial deformations. Given an image x € L?([0,1]?), we consider

z-(p) = z(p+ 7(p)),

where 7: [0,1]2 — R? is a vector field determining the deformation. The distance
between = and x, is measured by a suitable norm of 7, e.g. [|7|| o ([0,1)2)- In [1], we
design a simple iterative algorithm that constructs adversarial deformations, and
show that neural networks that are commonly used in classification (for MNIST
and ImageNet) are indeed vulnerable to adversarial deformations.

Adversarial examples in inverse problems. These observations indicate that
DNN tend to be unstable, meaning that given two inputs that are very close, their
outputs may be far apart. Another domain where stability plays a crucial role
is inverse problems, where unknown physical quantities need to be reconstructed
from indirect measurements. Since these measurements are typically noisy, it is
important for any reconstruction method to be stable. In recent years, machine
learning, and especially deep learning, has become a popular tool for solving in-
verse problems. Therefore, it is crucial to understand how stable these methods
are. In [4], the authors demonstrate that several deep learning based methods
developed for solving the inverse problem (undersampled Fourier measurements)
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in accelerated magnetic resonance imaging (MRI) are indeed vulnerable to ad-
versarial perturbations. The reconstructions may contain hallucinations, namely,
undesirable features that are completely created by the network and may not be
easily identified. Another conclusion of [4] is that state-of-the-art reconstruction
methods based on total variation (TV) regularization and with guarantees pro-
vided by the theory of compressed sensing are more stable and do not hallucinate.

A more quantitative analysis is provided in [5], where deep learning and TV
regularization are compared by using the relative L? error of the reconstruction
as a metric. The results show a similar vulnerability of the two methods to adver-
sarial errors and to Gaussian errors. However, as discussed above, the L? norm
does not fully capture the meaningful features of an image. For instance, given a
(discretized) image x, one can construct two noisy perturbations:

r1=x+g, T2 = +axa,

where g is white Gaussian noise with ||g||2 = ¢ and x4 is the indicator function of
a small region A, so that ||axall2 = €. As a consequence, we have

|z — 212 = ||z — 22]|2-

Thus, if we use the L? norm, these two perturbations are quantitatively identical.
However, in terms of visual impact, if € is small, 27 will be visually indistinguish-
able from z (or the noise can easily be identified), while the feature A added in xo
may be more problematic. A possible strategy to construct adversarial perturba-
tions that are visually meaningful as well as quantitatively measurable is proposed
in [2], where localized adversarial artifacts are constructed for the inverse prob-
lem of undersampled MRI. We show that TV regularization is more vulnerable
than DNN-based methods. Furthermore, we show how the vulnerability to this
type of attacks is inherently connected to the exact recovery guarantees given by
compressed sensing theory for TV regularization.

Instabilities and adversarial examples in PDEs. The stability properties of
DNN can also be analyzed through the lens of the theory of partial differential
equations (PDEs). It was shown in [7] that when both the layers and the space
variables are considered in the continuous limit, the action of a residual convolu-
tional neural network (CNN) on an input f may be written as

fr—u(T),
where u is the solution of a (nonlinear) dynamic PDE of the form:

Opu(t) = Fi(u(®),  w(0) = f,

where F} is a, possibly nonlinear, differential operator. Whenever energy conser-
vation is crucial, this parabolic CNN may be replaced by a hyperbolic CNN:

2u(t) = Fy(u(t)),  u(0)=f  8u(0)=0.

In both cases, under suitable assumptions on the differential operators and on the
nonlinearities included in Fj, it is possible to show that

[ur(T) = u2(T)l2 < [lur (0) = u2(0)][2.
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FIGURE 1. An example of a sequence as in (2). These two figures
show the radial components of f, and of u,(1,:), respectively.
The initial states f,, n = 1,2, 3,4, are continuously differentiable
functions that transition from the value -1 to the value 0 in a
window of width w = 27", centered at r = 1.

Namely, these maps are Lipschitz stable.

These bounds are obtained by using standard energy estimates, and are specific
to the L? norm. Because of the above discussions on the different possibile notions
of perturbations, and in particular on the observations on the limited relevance of
the L? norm in certain contexts, it is natural to wonder whether these stability
estimates can be extended, for instance, to the L*> norm. The answer is negative,
as a simple example shows. Consider the (linear) wave equation with constant
coefficients in R3:

(1) OPu— Au =0, u(0) = f, Owu(0) = 0.
With a radial initial condition f(x) = g(]z|), u is a spherical wave of the form
1
u(t,x) = 0] (ellel =t) + ozl +1), o) =rg(r).

If we evaluate this expression at © = 0, we obtain u(t,0) = g(t)+t-¢'(t). Therefore,
it is possible to find a sequence of adversarial examples f,, such that

(2) [fallo <1, Jlun(L,)lloe = 400,

see Figure 1. In particular, the map f — w(1,-) is unstable with respect to the
L norm.

From an abstract point of view, this instability can be analysed by using the
framework of Fourier multipliers [6]. The map f +— u(1,-) may be written as

B: L*(R3) — L*(R?), f+s F 'cos(2n|-|) Ff],

and it is easy to see that this map is not bounded with respect to the L> norm.
In [3], we propose a method to regularize the operator B in order to obtain a
family of approximations that are bounded as operators L>(R?) — L°(R?). More
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F1cure 2. Radial component of spherical waves at times t = 0
and t = 1. Left: the clean initial state f and a perturbed initial
state f + 7, with ||7||pe®s) = 0.01 - || f||foo(rs). Right: the end
states Bf, B(f +r), and Bq g(f + ).

precisely, let

Bag(f) =F " (cos (2m|-|) - ka - F (hsf)),
with filters ko, hg € L2(R3) N L>°(R3). The operator B, g: LP(R?) — LP(R?) is
well-defined and bounded for every p € [2,+00]. Moreover, if the family of filters
ko and hg is suitably chosen, then B, s — B in a suitable sense as «, 5 — 0.

An example of this behavior is shown in Figure 2. A radial input f is modified
with a small (with respect to both the L> and the L? norm) adversarial pertur-
bation r. The quantity B(f + r), namely, the solution to (1) with initial value
f + r calculated at time ¢t = 1, presents a visible artifact in the origin. By using
the regularized quantities By g(f + r), it is possible to substantially reduce the
artifact, while maintaining a good overall quality of the output. As is typical in
regularization, this procedure requires a suitable choice of the parameters o and 3.
This regularization strategy turns out to be effective for this simple linear PDE,
and it would be interesting to investigate whether similar ideas can be used also
for more complicated nonlinear PDEs or for the corresponding neural networks.
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Source and subdomain control of scalar conservation laws
BORIS ANDREIANOV
(joint work with Shyam S. Ghoshal)

Given a trajectory v : [s,T] — X for evolution equation of the form @+ Au > g
governed by an m-accretive densely defined operator on a Banach space X ([3]),
given any initial state ug € X, we provide avery simple construction of feedback
control that permits to reach, at ¢ = T, the final state v(T) starting from wg
at ¢ = 0. The construction is reniniscent of Luenberger’s observers (the nudging
strategy) in Data Assimilation ([6]), but the exponential stabilisation to the target
state at large times is replaced by exact control at final time 7. In turn, this
provides a distributed control in L!(0,T; X') where X is the state space. Therefore,
if s a state vr is attainable (with source) at some time 7, it is attainable - with
source- from any initial/boundary states, at any time 7' > 7.

The specific application we have in mind is to scalar conservation laws, possibly
multi-dimensional and non-convex; moreover, replacing the abstract semigroup
arguments by the standard PDE arguments, we can also handle e.g. the Cauchy-
Dirichlet problem with time-dependent boundary conditions. The construction
of the distributed control has a numerical counterpart, in the setting of Finite
Volume approximation by a monotone scheme.

Backward constructions with source are proposed, showing that wide classes
of data (including BV and many fractional Sobolev spaces) are attainable - with
distributed source in L!- at any time (cf. [5] for bounded source). In 1D, a variant
of backward front-tracking construction provides reconstructions under the form
of a continuous juxtaposition of compression and rarefaction fans, for BV data.

Further, combining the idea of source control, now localized in a compact inter-
val in space, with geometric observability-kind constructions in terms of backward
characteristics ([2, 1]), we are also able to explore the framework of subdomain
control (cf. [5]). This approach remains however restricted to a 1D, strictly convex
scalar conservation law, in the Cauchy or the Cauchy-Dirichlet setting.

Extension to kinetic formulation systems of conservation laws makes sense ([4]).

REFERENCES

[1] Adimurthi, S. S. Ghoshal, and G. D. Veerappa Gowda, Exact controllability of scalar con-
servation laws with strict convex flux, Math. Control Relat. Fields 4 (2014), pp. 401-449.

[2] F. Ancona and A. Marson, On the attainable set for scalar nonlinear conservation laws with
boundary control, STAM J. Control Optim. 36 (1998), pp. 290-312.



Control Methods in Hyperbolic PDEs 2955

[3] Ph. Bénilan, M.G. Crandall, and A. Pazy, Nonlinear evolution equations in Banach spaces.
Preprint book.

[4] A.-C. Boulanger, P. Moireau, B. Perthame and J. Sainte-Marie, Data assimilation for hy-
perbolic conservation laws: a Luenberger observer approach based on a kinetic description,
Commun. Math. Sci. 13 (2015), no. 3, pp. 587-622.

[5] M. Corghi and A. Marson, On the attainable set for scalar balance laws with distributed
control, ESAIM Control Optim. Calc. Var. 22 (2016), pp.236—266.

[6] D.G. Luenberger, An introduction to observers, IEEE Transactions on Automatic Control
16 (1971), pp. 596-602.

Non-admissibility of spiral-like strategies
STEFANO BIANCHINI
(joint work with Martina Zizza)

1. INTRODUCTION

We study a dynamic blocking problem first proposed by Bressan in [3]. The
problem is concerned with the model of wild fire spreading in a region of the plane
IR? and the possibility to block it constructing some barriers in real time. If we
denote by R(t) C IR? the region burned by the fire at time ¢, then we can describe
it as the reachable set for a differential inclusion. More precisely, one considers
the Cauchy Problem

z € F(x), z(0) € Ry,

where the set Ry C IR? represents the region burnt by the fire at the initial time
t = 0, while the function F' describes the speed of spreading of the fire. The
set Ry C IR? is assumed to be open, bounded, non-empty and connected with
Lipschitz boundary, whereas the standard assumptions on F' : IR?> = IR?, which is
a Lipschitz-continuous multifunction, are:

(1) there exists 7 > 0 such that B,.(0) C F(x) Vz € IR?
(2) F(z) is compact and convex Vz € IR?;
(3) & = F(z) is Lipschitz-continuous in the Hausdorff topology.

If no barriers are present the reachable set for the differential inclusion is
R(t) = {x(t), () abs. cont.,z(0) € Ry, i(r) € F(z(r)) for ae. 7 € [O,t]}.

When the fire starts spreading, a fireman can construct some barriers, modeled
by a one-dimensional rectifiable set ¢ C IR?, in order to block the fire. More in
detail, we consider a continuous function ¢ : IR? = IR' together with a positive
constant ¥g > 0 such that 1) > 1. If we denote by ((t) C IR? the portion of the
barrier constructed within the time ¢ > 0, we say that ( is an admissible barrier
(or admissible strategy) if

(1) (H1) C(t1) C ((t2), V1 < to;
(2) (H2) [y vdHt <t Vt>0,
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where H! denotes the one-dimensional Hausdorff measure. Once we have an ad-
missible strategy ¢, then we define the reachable set for ¢ at time t the set

(1)

RS(t) = {x(t) : x abs. cont., &(7) € F(x(r)) a.e. 7 € [0,t],x(7) & {(T) VT € [O,t]}.

Definition. Let ¢ = ((¢) be an admissible strategy. We say that it is a blocking
strategy if
RS, = JR()

t>0

is a bounded set.

We call isotropic the case in which the fire is assumed to propagate with unit
speed in all directions, while the barrier is constructed at a constant speed o > 0,
namely

() F=B0), Ro=Bi(0), =~

where By (0) denotes the closure of the unit ball of the plane centered at the origin.
We remark that in [5] there are comparison results between more general choices
of the data Ry and F' and the isotropic problem for the study of the fire problem
in a more general setting.

The existence of admissible blocking (or winning) strategies for the isotropic
blocking problem is a very challenging open problem and it has been addressed
mainly in [3],[5].} In particular, the following theorems hold:

Theorem. Assume that (2) hold. Then if ¢ > 2 there exists an admissible
blocking strategy.

Theorem. Assume that (2) hold. Then if ¢ < 1 no admissible blocking strategy
exists.

The two theorems are proved in [3] and they motivate the following Fire Conjecture
[4]:

Conjecture. Let (2) hold. Then if o < 2 no admissible blocking strategy exists.

In this talk we study spiral-like strategies: namely, admissible barriers that
are constructed putting all the effort on a single branch. The study of spiraling
strategies is of key importance in the complete solution of Bressan’s Fire conjec-
ture, indeed there is a strongly belief that these strategies are the best possible
barriers that can be constructed when o < 2.

We start giving the definition of spiral-like strategies:

1One can prove that the existence of blocking strategy does not depend on the starting set
Ro but only on the speed o [2].
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Definition. Let Z = (([0,S]) C IR? be a strategy, where ( is a parametrization
by length. We say that it is a spiral-like strategy if it satisfies:

e ((0) = (1,0) and (Jjp,s) is simple;

e s+ uo((s) is increasing.

Finally, we say that Z is an admissible spiral if it is a spiral-like strategy, the curve
is locally convex, in the sense of the definition above and moreover it satisfies the
following assumption

(A1) 0<Z(t7(0).e2) < 3,

where e5 is the vertical vector of the canonical base t(0) is the tangent vector of
the spiral in the starting point (commonly (1,0)) and £ denotes the angle between
the two vectors. What really matters in the definition of spiral-like strategies is
the requirement
s=wuo((s) is increasing,

which corresponds to the fact that either a portion of the barrier lies on the level
set {u =} (so that the previous function is constant), or the fire can not burn two
portions of the barrier simultaneously. We believe instead that the hypothesis of
local convexity and the assumption (Al) are automatically satisfied by optimal
spiral-like strategies, which is an open question.

In addition to the parametrization by arc-length, it is possible to parametrize any
admissible spiral by (r(¢), ¢), where ¢ denotes the angle of rotation on the spiral,
while r(¢) represents the length of the final segment of the fire ray reaching the
point (r(¢), ¢).

The only results known on these barriers can be found in [5] and [8]. In the two
papers it is proved independently and with different techniques the following

Theorem. Leto > 2.6144.. (critical speed). Then there exists a spiral-like strategy
which confines the fire.

This theorem inspires therefore the following
Conjecture. If o0 < 2.6144... then no spiral-like strategy is admissible.

A partial answer to this conjecture has been given in [8] where the authors use
a geometric argument to prove that if o < #
admissible.

We proved the following

then no spiral-like strategy is

Theorem. No admissible spiral-like strategy confines the fire if o < 2.3.

The bound 2.3 is not sharp, since it is obtained by purely numerical computa-
tions. It could be an interesting question to investigate the numerical optimization
of the parameter o accordingly to the method we will propose for the solution of
this problem. But unfortunately, even if the speed o could be optimized, the criti-
cal case 0 = 2.6144.. at the present time seems out of reach and very delicate. We
remark that this theorem proves Bressan’s Fire Conjecture in the case of spiral
strategies.
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Optimal control strategies for moving sets
ALBERTO BRESSAN

We consider a family of control problems for a moving set. In applications, this
set can describe the region infested by an invasive biological population, which
can grow or shrink in time, depending on the control applied along the boundary.
For example, a region infested by mosquitoes can be reduced in size by spraying
pesticides along its boundary. Optimal strategies are sought, which minimize the
contaminated area plus a cost for implementing the control.

In mathematical terms, given an initial bounded set Q(0) = Q9 C R?, for
t € [0, T] we seek a motion t — () which minimizes a cost functional of the form

T T
J :/0 ¢(5(t))dt+/0 meas (Q(t)) dt + xmeas(Q(T)). (1)

This accounts for a control cost, and a cost depending on the area of the contam-
inated region at various times.

Denoting by §(t,x) the inward-pointing velocity of the boundary of the set
Q(t) at the point z € 9Q(t), the total control effort at time ¢ is measured by

£(t) = /;m) E(B(t, ) de. )

A natural choice for the effort function F in (2) is

E(B3) = max{1+ 3,0}. (3)

In other words, if no effort is made, the contaminated region expands with unit
speed (E = 0 corresponds to = —1). By applying a control along the boundary,
this expansion can be reduced, or even reversed.
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Possible choices for the function ¢ in (1) are:

2 { 0 if s < M,

P(s) = = or b(s) = (4)

~+o00 if s > M.

Notice that, if the second definition applies, then the first term in (1) has the
meaning of a constraint: at every time ¢ € [0,7] the total control effort must
satisfy £(t) < M.

Optimization problems of the form (1) were first considered in [2], and formally
derived from the control of a parabolic equation, by taking a sharp interface limit.
Existence of optimal solutions was proved in [3]. Necessary conditions for optimal-
ity were also determined, in the form a Pontryagin maximum principle. A basic
setting is the following:

(OP) Optimization Problem. Given a bounded initial set Q(0) = Qg C R?,
find a motion t — Q(t) C R? that minimizes the cost

J = meas(QT)),
subject to B(t,z) > —1 and

Et) = / (1+B(t,x)do < M for every t € [0,T]. (5)
29(t)

Notice that in this case:

(i) With no control, the contaminated set ©(t) expands with unit speed in all
directions.

(ii) Implementing a control along the boundary, we can clear a region
of area M per unit time.

In turn, this implies that the increase of the area of Q(t) is determined by

%meas(Q(t)) = length(9Q(t)) — M.

This suggest that, in order to reduce the area, it is always most convenient to
reduce the perimeter as quickly as possible. A rigorous proof of this fact was
recently given in [1].

Theorem 1. In connection with the optimization problem (OP), assume that the
initial set Q(0) = Qo C R? is convex. Then, at each time t € [0,T], the optimal
set Q(t) is convex.

The optimal control is active precisely along the portion of the boundary 0(t)
where the curvature is maximum. This is a union of arcs of circumferences, all
with the same radius r(t).

At the present time, several related questions remain open. In particular:
(Q1) What is the regularity of the optimal sets Q(t)? We recall that, to derive
the necessary conditions in [3], one needs to construct trajectories ¢ —
z(t,&) € 99(t) orthogonal to the boundary. Can these trajectories be
always well defined?
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(Q2) If the initial set €y is not convex, what can one say about the optimal
strategy? Under what conditions is it true that the sets Q(¢) are connected,
for allt € [0,7]7

(Q3) More generally, all the above problems can be formulated on R™, or even
on an n-dimensional Riemann manifold. How much of the theory remains
valid in a multidimensional setting? Does the convexity result stated in
Theorem 1 remain true for optimal set motion in R3 ?

The case with geographical constraints, where the pest population needs to be
eradicated from an island (a bounded open set V' in the plane), is also of interest.
As before it is assumed that, within V', the contaminated region expands with unit
speed in all directions, while the control can “clean up” an area M per unit time.
In this setting, two main problems arise.

Eradication problem. Find an admissible strategy t — Q(t) C V that completely
eradicates the contamination in finite time. This means: Q(0) =V, Q(T) = 0,
and the following constraint is satisfied:

Et) = / (1+B(t,x)do < M for every t € [0, 7.
89(t)NV

The existence or non-existence of such a strategy can be determined by com-
paring the speed M with two geometric invariants of the set V. In the positive
case, one can further consider:

Minimum time problem. Among all strategies that eradicate the contamina-
tion, find one that minimizes the time T.

The analysis of optimality conditions indicates that, in an optimal strategy, at
each time t > 0 the interface between free and contaminated zone should be the
union of

(i) arcs of circumferences, all with the same radius 7(t), where the control is
active, together with

(ii) additional arcs where the control is not active, and the contamination
expands with unit speed.

A direction of current research aims at understanding the structure of optimal
strategies in two main cases:

(i) V is a polygon.

(ii) V is a generic convex set, with smooth boundary.
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A Front Tracking Approach to an Euler-type Flocking Model
CLEOPATRA CHRISTOFOROU
(joint work with Debora Amadori)

The study of hydrodynamic models that emerged in the area of self-organization
has received alot of attention in the recent years and many new challenges in
partial differential equations have arisen that yield interesting questions in the
mathematical community.

We consider the system

&gp + 830 (pV) = 0,
01(v) + s (92 +(p)) = K | pla.0p(a’ 1) (s’ ) =) d’

with (z,t) € R x [0, +00). Here p > 0 stands for the density, v for the velocity, p
for the pressure, given by

(2) plp)=a’p, a>0,

and K > 0 is a given constant. Having set m := pv as the momentum variable, we
consider the Cauchy problem (1) with the initial condition

3) (p;m)(z,0) = (po(z),mo(x))  z€R,

and our aim is to formulate a problem to (1)—(3) with conditions appropriate
for the models of self-organized systems and then seek weak solutions that admit
time-asymptotic flocking.

The pioneering work of Cucker and Smale [5] led a major part of the mathemat-
ical community to conduct research intensively on this topic. Many mathematical
models have arised and most work so far is on the behavior of the particle models,
the kinetic equation and the hydrodynamic formulation. However, very little is
done in this area on weak solutions and the scope of our work is to contribute in
this direction of weak solutions in the set up of the Euler-type flocking system that
can be derived using a hydrodynamic formulation. We refer to the reviews [4, 7, §]
and the references therein. We stand out the work of Karper, Mellet and Triv-
isa in [6], in which it is shown the convergence of weak solutions to the kinetic
equation Cucker-Smale flocking model to strong solutions of an Euler-type flocking
system of the form (1) with pressure of the form (2). Thus, we study this system
with pressure as derived in [6] although pressureless systems have received most
attention so far. Also, we are interested in solutions with discontinuities and most
results so far deal with regular solutions.

Our analysis goes over the following steps: we first set up the problem with
initial data appropriate for flocking models, that is the initial data having finite
total mass confined in a bounded interval and initial density uniformly positive
therein. Next, we introduce an appropriate notion of entropy weak solutions with
concentration centred along two free boundaries emanating from the endpoints of
the initial support. It is shown that under this notion, solutions conserve mass and
momentum and the system reduces to a local one for an all-to-all interaction kernel.
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The construction of the weak solution is obtained by transforming the problem
into Lagrangian variables (cf. [9]) and employing the front tracking algorithm
(cf. [3]). Showing that the linear functional is non-increasing, it allows us to pass
to the limit and obtain an entropy weak solutions with concentration. Additional
analysis at the level of approximate solution reveals a geometric wave decay and
this yields an exponential decay of the total variation in time. Having this, we
conclude unconditional time-asymptotic flocking, i.e. the support of the solutions
remains bounded for all times and velocity alignment occurs without any further
restrictions on the data.

There are many open problems on this topic arise that would be very interesting
to be studied and contribute in the better understanding of flocking phenomena.
It would be important to extend our result to the non-constant case of interaction
kernel K that would include especially the singular kernels. Another direction
would be to study control-type problems on this set-up, i.e. given a final state at
time ¢t = T, to determine the initial data for which the given profile is reached
at time 7. An alternative interesting direction is the study of the system with
pressure of the form pY for v > 1 and its relation with the solutions to (1), we
have taking the limit v — 1.
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Optimal Control of Propagaton Fronts
MARIA TERESA CHIRI
(joint work with Alberto Bressan, Najmeh Salehi)

The control of parabolic equations is by now a classical subject [8, 9, 10, 12].
More specifically, several studies have been devoted to the optimal harvesting of
spatially distributed populations [5, 6, 11]. Our recent interest in the control of
reaction-diffusion equations is primarily motivated by models of pest eradication
[1, 2, 7, 13]. The controlled spreading of a population, in a simplest form, can be
described by a semilinear parabolic equation

(1) ur = f(u)+ Au — au.

Here u = u(t, z) denotes the population density at time ¢, at a location z € R2.
The function f describes the reproduction rate, while o = a(t, z) is a distributed
control representing the quantity of pesticides sprayed at time ¢ at location z, and
a u describes the amount of population which is eliminated by this strategy. Given
an increasing, convex cost function ¢ : Ry — R,, we can consider the following
optimization problem

(OP1) Optimization Problem for a reaction-diffusion equation. Given
an initial profile w(0,2) = ug(x) and a time interval [0,T], determine a control
a=at,x) >0 so that, calling u(t,z) the corresponding solution to (1), the total
cost

(2) J = /OT¢</a(t,a:)da:> dt+n/0T/u(t,x)dxdt

is mainimized.

We think of [«a(t,z)dz as the total control effort at time ¢. Standard results
yield the existence of an optimal strategy, and necessary conditions for optimal-
ity. However, very rarely one can find explicit formulas for the optimal solution.
Assuming that f(0) = f(1) = 0, and observing that solutions to (1) often develop
stable traveling fronts, the parabolic problem (OP1) can be approximated with
an optimal control problem for the moving set Q(t) = {x € R?; u(t,x) = 1},
representing the contaminated region. In this case, the control function is the
speed § = B(t,z) at which the boundary 9€(t) is pushed in the inward normal
direction. This new problem has the form

(OP2) Optimization Problem for a moving set. Let an initial set Qo C R?
and cost functions E: R — R, ¢ : Ry — Ry U{+o0} be given. Find a set-valued
function t — Q(t), with Q(0) = Qo, which minimizes

T T
(3) J = /0 o) </89(t)) E(B(t,x) da) dt + /i/o meas(2(t)) dt.

In our work [3, 4] we investigated the underlying connection between the two
above optimization problems. In particular, the effort E(8), needed to achieve the
inward normal speed (3, can be uniquely determined by solving an optimal control
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problem for traveling wave profiles of (1). The cost for moving the interface at
different speeds in the normal direction is determined through the analysis of
traveling wave profiles for the PDE model, and justified via a sharp interface
limit. More generally, the same approach remains valid for systems of (possibly
degenerate) parabolic equations with spatial variable in R™.

A rigorous derivation of (OP2) would require a study of the I'-limit of the
functionals

(2) Folu) = /OT/ chu e T mwle g,

u

as € — 0. Here [s];+ = max{s,0}. As first step in this direction, we have proved
that the cost J at (3) can be achieved as the limit of the cost (2), for a family of
solutions to the rescaled parabolic equations

1
ui = gf(ue)—|—€Au6—u€of, te[0,T], z € R%
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Renewal Equations: Models, Analysis and Control Problems
RiNnaLDO M. COLOMBO
(joint work with Mauro Garavello, Francesca Marcellini, Elena Rossi)

According to [13, § 3.1] by renewal equation the following initial boundary value
problem is meant:

Oip+ 0zp =0 (t,z) e Ry x Ry
p(8,0) = Jo = b(E) plt,€) dE ¢ € Ry
p(0,2) = po(z) z€Ry.

However, recently, this term has been used more and more also to refer to rather
general problems, such as

&p—!—VT(pV):S (t,$)€R+XQ
(1) p(t,g) = B(t,f) (if there is a boundary) (t,f) € R+ x 08
p(0,2) = po(2) z€Q

that typically have in common the presence of non local terms and a motivation
coming from some sort of biological model. In (1), the velocity V, the source S and
the boundary term B may well depend — locally or not locally — on the unknown
function p which, in turn, may well be both a scalar or a vector.

An attempt to obtain a rather general well posedness result for a renewal equa-
tion in the sense of (1) is presented in [10]. There, the precise form of the considered
problem is

(2) ol +V, (Wt ) u") = p" (¢, 2, u(t)) u +¢" (¢, 2, u,ut) he{l,... .k}

Here t € Ry is time and the “space” variable x varies in R’ x R™. This choice
allows to encompass in (2) also situations where where part of the independent
variables are bounded below, while the remaining part varies in R™. The former
variables may thus represent age or time since vaccination, for instance, see [4, 9],
while the latter variables are typically space coordinates, for instance. Note also
that in (2), the dependence on u(t) stands for a dependence which is non local in
the x variable. In the right hand side in (2) the choices of p" and ¢" are flexible,
so that the provided estimates can be optimized for the specific model considered.
Refer to [10] for specific models that fit into (2). Other well posedness results in
similar settings are provided in [6, 7] and in [12], where the problem is set in the
framework of evolution equations in metric spaces.

Renewal equations appear also in mixed systems devoted to some sort of preda-
tor prey dynamics, such as

{ ou+V-(uv(u) = ft,z,w)u+a

(3) 3tU/—NAw:9(t,x,u,w)w+b (t,a:)ER+><Q

where v “hunts” w and the hunting term v is of the form

(4) v(u) =V (Vuxn),
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1 being a smooth approximation of Dirac delta and V a Lipschitz continuous
function. The case of Lotka—Volterra interaction is recovered by

f,z,w)=aw— 4 and g(t,z,u,w) =~v—du,

but further terms, for instance related to some sort of capacity are not excluded.

System (3)—(4) can be studied in both cases = R", see [8], and © bounded,
see [11] — in the latter case suitable boundary conditions need to be supplemented.
The term a = a(t, ), respectively b = b(t, ), is a control parameter describing
the amount of u, respectively w, that is deployed per unit time at position z and
time ¢. Indeed, system (3)—(4) applies to cases, for instance, where the predator
u is a parasitoid used against the propagation of the parasite w, see [5, 8] or also
when the chemical substance w diffuses attracting and killing the pest u.

REFERENCES

[1] R.M. Colombo, M. Herty, M. Mercier: Control of the Continuity Equation with a Non Local
Flow. ESAIM Control, Optimisation and Calculus of Variations, 17, 2, p. 353-379, 2011.
[2] R.M. Colombo, M. Garavello, M. Lécureux—Mercier: A Class of Non-Local Models for
Pedestrian Traffic. Mathematical Models and Methods in Applied Sciences, 22, 4, 2012.
[3] R.M. Colombo, M. Lécureux—Mercier: An Analytical Framework to Describe the Interac-
tions Between Individuals and a Continuum. Journal of Nonlinear Science, 22, 1, p. 39-61,
2012.
R.M. Colombo, M. Garavello, F. Marcellini, E. Rossi: An Age and Space Structured SIR
Model Describing the Covid-19 Pandemic. Journal of Mathematics in Industry, 10, 1, 22,
2020.
R.M. Colombo, E. Rossi: A Modeling Framework for Biological Pest Control. Mathematical
Biosciences and Engineering, 17, 2, 1413-1427, 2020.
R.M. Colombo, M. Garavello: Well Posedness and Control in Renewal Equations with
Nonlocal Boundary Conditions. Mathematical Methods in the Applied Sciences, 44, 14,
11537-11564, 2021.
[7] R.M. Colombo, M. Garavello: Well Posedness and Control in a NonLocal SIR Model.
Applied Mathematics and Optimization, 84, 737-771, 2021.
[8] R.M. Colombo, E. Rossi: On a Hyperbolic-Parabolic Parasitoid-Parasite System: Well
Posedness and Control. Studies in Applied Mathematics, 147, 3, 839-871, 2021.
[9] R.M. Colombo, F. Marcellini, E. Rossi: Vaccination Strategies through Intra—
Compartmental Dynamics, Networks and Heterogeneous Media, 17, 3, 385-400, 2022.
[10] R.M. Colombo, M. Garavello, F. Marcellini, E. Rossi: General Renewal Equations Motiwated
by Biology and Epidemiology. Journal of Differential Equations, 354, 133—-169, 2023.
[11] R.M. Colombo, E. Rossi: Non Linear Hyperbolic—Parabolic Systems with Dirichlet Bound-
ary Conditions. To appear on Differential and Integral Equations, 2023.
[12] R.M. Colombo, M. Garavello, M. Tandy: On the Coupling of Well Posed Differential Mod-
els. Nonlinear Analysis A: Theory, Methods & Applications, 232, 113290, 2023
[13] B. Perthame: Transport equations in biology, Birkhauser Verlag, 2007.

[4

5

[6



Control Methods in Hyperbolic PDEs 2967

Generalised characteristics of Hamilton-Jacobi equations, propagation
of singularities, and long-time behaviour

PIERMARCO CANNARSA

A generalised characteristic (GC) is a solution of certain differential inclusions that
play a crucial role for propagation of singularities of solutions to Hamilton-Jacobi
equations H(x,u(z), Du(z)) = 0. GC’s were introduced in [4], in the context of
hyperbolic conservation laws and then adapted to Hamilton-Jacobi equations in
[1] and [3]. In this talk, we will discuss several topics related to GC’s including re-
stricted classes of characteristics introduced in [5], uniqueness issues, continuation
properties in connection with propagation of singularities [2].

We will then focus on classical mechanical systems on the torus with the Hamil-
tonian

1
Hwp) = 5P +V(@), weT.peRr?

and consider the stationary Hamilton-Jacobi equation
1
(1) H(xz, Du(x)) = §|Du(ac)|2 + V(x) = af0], z €T,

where «(0) is the Mané’s critical value. For any semiconcave solution (or viscosity
solution) u of (1), the set of the points of non-differentiability of u, Sing(u), is
called the singular set of u. The singularities of a semiconcave solution u of (1)
propagate along the generalized gradient flow defined by

{)’((t,x) € DTu(x(t,z)), t>0 a.e.

x(0,x) = x.

(2)

Denoting by x,(t, z) the associated semi-flow for a semiconcave solution u of (2),
for any 2 € T¢ and any T > 0 we introduce the (individual) invariant occupational
measure for x,(-,z) as the Borel probability measure uZ defined by

Fy) dy( )—l/Tf(X (t,x)) dt VfeO(T?)
Ta Yy MTy_T() CANS] :

Then, we call any weak limit of ul», as T,, — 0o, a limiting occupational measure
of x4, (-, ). We denote by W, (x) be the family of all limiting occupational measures
of x,(-,x). As we shall see, there are interesting connections among the critical
set of u, the set of limiting occupational measures W, (z) of x, (-, z), and Sing(u).
We first show that W, (z) # 0 and, by the Krylov-Bogoliubov argument, that each
measure in W, (z) is invariant under x,,(-, z). Then we show that the critical set
of u is an attractor for the semi-flow x,(¢,x) in the sense that, for any ¢ > 0,
the probability for x,(t,x) to be e-close to the critical set of u, with ¢ picked at
random in [0, 7], tends to 1 as T — oo.

Given (a nonzero cohomology class) ¢ € R?, to extend the above results to the
cell problem

3) %|Du(x) P+ V(@) =afd, weT
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is a challenging open question that will definitely require new ides. Even more
s0, it would be extremely interesting to adapt the current approach to a general
Hamilton-Jacobi equation

(4) H(z, Du(x) + ¢) = o], zeT?
with H of Tonelli type.
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Some inverse problems for shock wave control
GUI-QIANG G. CHEN

Controlling shock waves is crucial in applications in various fields of science and
engineering, including aerodynamics, aerospace engineering, explosion mitigation,
and shock tube experiments. In this talk, we present some inverse problems for con-
trolling multi-dimensional steady shock waves and discuss some recent progress in
controlling both the leading shock waves generated by wedges/conical bodies and
associated fluid flows by designing the boundary geometries of the wedges/conical
bodies with desired pressure distributions and/or leading shock locations through
the inverse problems. Some further perspectives and open problems in this direc-
tion will also be addressed.

Hysteresis and string stability in traffic flows
ANDREA CORLI
(joint work with Haitao Fan)

In this talk we discuss some new macroscopic models of traffic flow [2, 4], whose
aim is to model stop-and-go waves and related phenomena by means of a hysteretic
term. The approach is inspired by the modeling of fluid flows in porous media [1],
where hysteresis plays an important role. We also comment on the so-called string
stability of the model, a notion of stability that is widely used in microscopic
models but that is here extended to macroscopic models [3].

Stop-and-go waves are observed in real traffic flows but cannot be produced by
the classical Lighthill-Whitham-Richards (LWR) model. To capture stop-and-go
waves, we add hysteresis to the LWR model; we call HLWR such a model [2].
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The model HLWR consists of two equations for the unknown functions p, the
vehicle density, and h, the hysteresis variable. It is hyperbolic but it is not in
conservation form, because there is no reason for the hysteresis to be conserved;
moreover, it involves functions that are possibly discontinuous, and solutions are to
be meant in the sense of [5]. For the model under consideration, we find all possible
“viscous” waves as well as necessary and sufficient conditions for their existence. In
particular, deceleration and acceleration shocks appear and stop-and-go waves are
produced by pairs of deceleration and acceleration shocks completing a hysteresis
cycle. We solve the Riemann problem for every Riemann data and show that,
where hysteresis loops exist, a deviation in speed of a few vehicles in a uniform car
platoon can generate stop-and-go waves. This analysis could be possibly useful
for the control of traffic flows. We also discuss how the previous approach can be
extended to the Aw-Rascle-Zhang (ARZ) model [4].

In microscopic models, string stability or instability is concerned with the prop-
agation of oscillations in a car platoon caused by the leading vehicle. The issue is
whether and when such oscillations are amplified or damped; in the former case,
traffic jams occur. We propose a suitable notion of string stability for continuum
models and show that the LWR and AWR models model are string stable for
wide classes of perturbations. In the case of the previous hysteretic model, we
show that string instability can occur for large perturbations, while, under small
perturbations, examples as well as approximate solution analysis suggest that the
hysteretic traffic flow modeled for instance by the HLWR model is string stable.

In this framework there are many open problems. First of all, the Riemann
solvers are not unique, as it was already the case in [1]; is it possible to select a
“rational” Riemann solver? Second, the analysis of the initial-value problem for
general data with bounded variation is missing; we conjecture that such a solution
exists, at least for small initial data. Third, it would be interesting to validate
the model by analyzing real traffic flows. Indeed, the evidence of hysteresis loops
in traffic flows is known in the applied literature since several decades, but the
modeling of hysteresis as a variable of the models has never been checked with
such real flows.
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Inverse design for the chromatography system
CARLOTTA DONADELLO
(joint work with Giuseppe M. Coclite, Nicola De Nitti and Florian Peru)

We present some results on the inverse design problem for the n x n chromatog-
raphy system. The particular structure of the system, which can be written as
a triangular system consisting of one autonomous strictly concave conservation
law and n — 1 linear continuity equations, allows to combine the backward re-
construction method introduced in [2] with recent results obtained by Colombo
and Perrollaz, [3], and by Liard and Zuazua, [5, 4], on the inverse design problem
for a strictly convex scalar conservation law. More precisely, in the case of two
components, the original system

i+ 8, [— ) =0, t>0, xR,
14 up + us
Ous + 0y [ —2 ) =0, t>0, xR,
1+U1+U2
rewrites as
8tv+<9m< v >=0, t>0, z€R,
14w

dw + 8, <L> -0, t>0, r€R,
14w
thanks to the change of variables
V= U1 + U2, W = Uy — Us.

For any vy € L*°(R), the Cauchy problem

8tv+8m< Y ):o, t>0, z €R,
1+
v(0,z) = vo (), z €R,

admits a unique entropy solution in L>° (R x R). From it we can define the vector
v(t, )
field | A(t,z) = v(t,x), B(t,x) = ———
e (A(t.0) = (0,0, Blt.2) = g
[6], are necessary to prove the existence of a unique weak renormalized solution z
of

), satisfying the hypothesis which, in

vz
xr = ) t ) R’
O¢(vz) + 0 <1—|—v> 0 >0, z €

Z(O,Z‘) = ZO(x)v T e Rv

for any zg € L*°(R). In particular, z is time-reversible, in the sense that if
A(T,x)z(T,z) = A(T,z)zr(x), then t — 2(T —t) is a generalized solution of

8t(Ap)—8T(Bp)=O, t>07 Z‘ER,
A(0,2)p(0,z) = A(0,z)2r(x), x€R.
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Using this approach to implement a backward reconstruction, it was proven in [2]
that the physically relevant attainable profiles for the chromatography system in
the (u1,us) variables are

Ar(R) = {(UT, wr) v € Ap (R,v — H%) and there exists
z € L*°(R;[-1,1]) such that wp = ZUT},

where the set Ar contains the attainable profiles at time T for the first equation,
as described in [1]. For a given positive time 7' and an attainable profile Vp =
(vr = uf' +ul wr = uF' —ul) € Ar(R), the set of initial conditions leading
to Vr can be easily characterized, and its topological properties inferred, thanks
to a 1-to—1 correspondence with the set I(vr) of inverse designs for the scalar
conservation law with strictly concave flux, [3, 5].

For a target profile V' which is not attainable in time T', we recover the initial
condition which would steer the system as close as possible to V in the L? norm
thank to a minimization procedure analogous to the one in [4].

Building on the numerical scheme in [2] and results in [4], we implemented a
finite volume numerical scheme which, for any attainable profile Ur and positive
integer r, provides an initial condition leading to Ur and which first component
(the initial condition for the nonlinear conservation law) suffers of exactly r dis-
continuities.

The final part of the presentation explains why these results are limited to a
system with a very specific structure and cannot easily be generalized to the class
of triangular systems considered in [2].
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Nonlocal macroscopic models of multi-population pedestrian flows for
walking facilities optimization
PaorLa GOATIN
(joint work with R. Biirger, D. Inzunza, E. Rossi, L. M. Villada)

We consider a class of nonlocal crowd dynamics models for N populations, N >
1, with different destinations trying to avoid each other in a confined walking
domain  C R? and described by their densities p = (p',...,p")T . This can be
formalized in the following initial-boundary value problem:

Dsp* + divy [fk (pk) vk (t,x,jk[p])] =0, xeQt>0,k=1,...,N,
(1) < p(0,5%) = py(x), x €,
p(t,x) =0, x € 09,

where v* = (vF,v}) is the velocity vector field of the k-th population, J* is a
nonlocal operator, i.e. J*[p] = (J"[p(t)]) (x), and p, is a given initial datum.
Usually, the vector fields v* consist of a fixed smooth vector field of preferred
directions (e.g. given by the regularized solution of an eikonal equation) together
with nonlocal correction terms depending on the current density distribution.

We assume that Q¢ = R? \ Q is a compact set consisting of a finite number
M € N of connected components ¢ = Qf U...UQG,. To account for the presence
of these obstacles, in [3] we proposed to evaluate the nonlocal operators on the
extended density pg, : R? — Rf including the presence of obstacles:

k .
& pr(t,x) ifxeq,
t,x) =
Paltx) {Rz if x € Q,

with R, > R > 0, £ = 1,..., M, big enough so that " (¢,x, 7"[pg]) - n(x) < 0
for all x € 99, t > 0, n being the outward normal to 2. In this way, (1) can be
rewritten as

@) O p" + divy [fk (pk) vk (t,x,jk[pﬂ])] =0, xe€R?>t>0,k=1,...,N,
p(O,X):po(X), XERQ'

Under suitable regularity assumptions, well-posedness results for weak entropy
solutions of (2) can be proved relying on [1, 2], see [3, 5].

The trick of incorporating the obstacles in the nonlocal operator allows to avoid
including them in the vector field of preferred directions. In particular, we can
address shape optimization problems aiming at finding the optimal position of
the obstacles to minimize the total travel time, rewriting them as standard PDE-
constrained optimization [4]. In addition, to accelerate the numerical optimization
procedure, we propose to address the computational bottleneck represented by the
convolution products by a Finite Difference scheme that couples high-order WENO
approximations for spatial discretization, a multi-step TVD method for temporal
discretization, and a high-order numerical derivative formula to approximate the
derivatives of nonlocal terms, and in this way avoid excessive calculations.
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Boundary feedback control problems for systems of balance laws
SIMONE GOTTLICH
(joint work with Sonja Groffmann)

The main objective of this work is to investigate the exponential and Input-to-
state (ISS) stability of solutions to linear hyperbolic balance laws that are paired
with boundary feedback conditions. In particular, we consider the following k x k
system of linear hyperbolic balance laws

(1) W (z,t) + AMx)0. W (z,t) + I(z)W (z,t) = 0, (z,t) € [0,1] x [0, +00)

for the state vector W := W (z,t) : [0,1] x [0, +00) — R¥ over some space interval
of length [ and an open time horizon. The variable coefficients are chosen such that
[(z) is a non-zero matrix in R¥*¥ and A(z) is a diagonal matrix with non-zero
eigenvalues in RF*%,

For an analysis of the hyperbolic system, characteristic variables are applied and
A(z) is split into a positive and a negative part according to the sign of its eigen-
values. Therefore, A(z) = diag{A™(z), —A~ (2)}, where AT (z) = diag{\;(z) > 0:
i=1,..,m}and —A~ (z) = diag{\i(z) < 0:i=m+1,..., k} for some m € N with
m < k. Analogously, the state vector is split into the parts that correspond to the
positive and negative eigenvalues of A(x), respectively. Hence, W = [W+ W~]T
with W+ € R™ and W~ € RF—™,

The hyperbolic system of balance laws will be paired with an initial condition

(2) W(z,0) = Wo(z), = e(0,0),

for a function Wy : (0,1) — R*  as well as boundary conditions consisting of a
disturbed linear feedback law

PR A [ ) O e

where K, M € R**F are constant matrices and b : [0, +00) — R¥ is a vector-valued
function describing the disturbances. This model has been also studied in [4].
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In case of exponential stability an undisturbed feedback boundary condition
is required. Therefore, the following special case of (3) with Mb(¢) = 0 for all
t € [0, +00) will sometimes be considered as well:

W s R

Both of the above stated boundary conditions are called feedback laws, as the
inflow into the system W*(0,¢) and W~ (l,t) at the spacial boundaries = 0 and
x = [ is a function of the outflow out of the system at the boundaries given by
W+ (l,t) and W~ (0,t). The information about the outflow is returned via feedback
to influence the inflow. Similar types of feedback boundary conditions are often
employed for boundary control problems or boundary stabilization as presented
for example in [2, 3].

The problem is now completed by the following assumptions which shall hold
for all z € [0,1] and ¢ € [0, 400).

A1l A is a real diagonal matrix of class C'1([0,1]), i.e., A(z) is a function that
is once continuously differentiable.

A2 II is a real matrix of class C°([0,1]), i.e., II(z) is a continuous function.

A3 b is a vector of boundary disturbances of class C°([0, +00)), i.e., b(t) is a
continuous function.

] , t € [0,+00).

Based on these assumptions, a detailed Input-to-state stability analysis in the
L?-norm has been provided in [4]. More precisely, the steady state W = 0 of the
system (1) with the boundary conditions (3) is Input-to-state stable in L?-norm
with respect to the disturbance function b if there exist positive real constants
n>0,¢>0 C; >0and Cy > 0 such that, for every initial condition Wy(z) €
L?((0,1); R¥), the L2-solution to the system (1) with initial condition (2) and
boundary conditions (3) satisfies for all t € R™

(5)

W ()13 2(0.0ym0y < Crexp(=nt) [Woll72(o.1y.me) + & <1 + 1) sup ([b(s)[?).
n § s€[0,t]

If the disturbance function disappears, i.e., b(t) = 0 for all ¢ € [0, +00), the def-
inition of exponential stability can be retrieved from the notion on Input-to-state
stability. The latter notion is of course weaker than its exponential counterpart,
as the disturbance term in inequality (5) counteracts the exponential decay of the
first term and is highly dependent on the given disturbances.

A possible Lyapunov function candidate to study the exponential stability of
hyperbolic balance laws has been originally introduced in [1], i.e.,

l
(6) LOV(-1) :/ WTP(2)Wdz, t € [0,+00),
0
for continuously differentiable positive definite matrices P(z). This Lyapunov

function is then said to be an ISS-Lyapunov function for the system (1) with the
boundary conditions (3) if there exist positive real constants n > 0, £ > 0 and
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v > 0 such that, for all functions b(t) € C°([0,+00)), for L2-solutions of the
system (1) satisfying the boundary conditions (3), and for all ¢ € [0, +00),

dL(w(.,t)) 1Y o (1b(s)P2
) S < v+ (14 ) s (o)
It turns out that if the matrix
(8) —A(z)P'(x) — A (2)P(z) + TIT (z) P(x) + P(z)TI(x)
is positive definite for all z € [0,!] and the matrix
AT () PH(D) 0 AT(0)P*(0) 0
9) 0 A(O)P(O)] —(1+OKT [ 0 Ao ®

is positive semi-definite, the steady state W(z,¢) = 0 of the system (1) with
boundary conditions (3) is Input-to-state stable in the L?-norm with respect to
the disturbance function b.

A further approach intends to answer the question how the results from the
continuous setting in terms of Input-to-state stability can be transferred to a dis-
cretized version of (1)-(3). Following the the numerical discretization presented in
[3] based on the operator splitting technique

(10) W (z,t) + AMx)0, W (z,t) =0 (x,t) € [0,1] x [0, +00)

(11) W () + TI()W (-, t) =0 t €0, +00).

then allows for a rigorous numerical analysis of Input-to-state stability. In fact, a
notable advantage of the discretized approach is the explicit computation of decay
rates 7 that appear in (5). For an illustration of the results obtained so far, we

make use of the Telegrapher’s equations which is a 2 x 2 system of linear hyperbolic
balance laws of the form

(12) WW (z,t) + Ao, W (z,t) + TIW (z,t) =0

for x € [0,1], where IT and A are independent of z and defined as

(13) o.— 1[RL™'+ZC™' RL™'-ZC™!
T 2 |RL7'—ZCY RL'+ZzCT|
AT 0 1yt -1
(14) A= D CIE with A*™ = +(VLC)

and positive constants R, L, Z, C. Applying the weighted matrices

(15) Py = diag{p1 exp(—p1;), p2 exp(pa;)}
with g1, ue > 0 and p1,p2 > 0 to the disctrization of (6), we are able to show that
for the Telegrapher’s equations given by (12) - (14) the decay rate 7 is defined by
_ 1
= AzLC

Future considerations will investigate the notion of Input-to-state stability for
balance laws of type (1) on networks. This requires in particular a discussion on

(1 — exp(—pAz)).



2976 Oberwolfach Report 52/2023

coupling conditions and their influence on the continuous and discretized problem,
respectively.
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Isothermal flow in gas networks: Synchronization of observer systems
MARTIN GUGAT

We study systems that are governed by neworked hyperbolic partial differential
equations. As an example, think of gas pipeline networks.

We discuss the necessity to design observers for this type of system. They can
be applied to produce an approximation of the full system state that can be used
as input in a feedback law and also provide initial data for optimal control prob-
lems. We present an observer system that is also defined as a networked system of
hyperbolic partial differential equations and is fed with pointwise measurements
from the original system. These measurements are taken at a finite number of
locations in the network. In our model, we consider the measurements as contin-
uous in time. This is not completely realistic, and in future studies we will also
consider time-discrete measurements and also an observer system that is defined
on discrete times and is implementable on a computer.

We show that for a sufficiently large number of measurement locations, the
observer system synchronizes exponentially fast with the original system, that is
the error decays exponentially fast to zero. This is a local result that we can only
proof under a number of smallness assumption for the state of the original system
and also for the error of the estimate of the initial state that is used in the observer
system. Since the semi-global classical solutions of quasilinear hyperbolic systems
are a suitable framework to prove the synchronization results, we use an existence
result for semi-global classical solutions in our analysis of the well-posedness of the
system. These results have been investigated thoroughly in the group of TA-TSIEN
L1

We discuss a Lyapunov function with exponential weights that can be used for
the proof of the exponential synchronization in the L?-sense. Such exponential
weights have been used very successfully by JEAN-MICHEL CORON and his group.

As an outlook, we discuss the extension of the observer to the case where the
gas is a mixture of hydrogen and natural gas. We consider a model of the following
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type that is similar as in [2]:
Otp + 0z(pv) =0

(1) Orc+v0z(c) =0

. A
Ou(pv) + 0 (p* + B(p; 0)) = =555 plolv

where p; and ps denote the densities of the two components, p := p1 + p2, v is
the velocity of the gas mixture and ¢ := p1/p. Note that in order to close the
system, the knowledge of the pressure law p(p,c) for the mixture is mandatory.
The number A\F is a friction parameter and D denotes the diameter of the pipe.

Finally we mention the challenge to deal with hydrogen embrittlement in steel
pipelines. Since pressure fluctuations promote the damage of the pipes by hydrogen
embrittlement, one aim of the operation control must be to mitigate these fluctua-
tions. In the mathematical model this leads to new state constraints that have to
be compatible with a realistic damage model, for example the rainflow-counting al-
gorithm used for calculations of the fatigue. Problems of optimal boundary control
for gas pipeline networks have been investigated in [3].
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Stabilization methods for evolution equations
AMAURY HAYAT

The topic of this talk is the stabilization of systems of (partial) differential equa-
tions. We focus on three parts: Fredholm backstepping, also known as F-equivalence,
a powerful approach that allows the derivation of explicit feedback laws for a large
class of systems of PDEs; stabilization of traffic flow, modeled by hyperbolic sys-
tems of PDEs, and the use of Artificial Intelligence (AI) in mathematics. The
latter extends beyond the sole area of stabilization.

1. THE F-EQUIVALENCE METHOD
We study the general stabilization problem for linear systems. Consider

(1) Oy (t) = Ay(t) + Bu(t),

where y(t) € X describes the state of the system at time ¢, X is a Banach space,
A is a differential operator with discrete spectrum and defined on a Banach space
X with the domain D(A), B : H — D(A*)" is a so-called control operator and
u(t) = Ky(t) is the control chosen as a feedback law, and K is consequently a
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feedback operator with values in H. The goal is to find K such that the system
(1) is exponentially stable. Ideally, we would even want to ensure that, for any
A > 0, there exists K, such that the system (1) is exponentially stable with decay
rate \. When B is not bounded in X and H is finite dimensional, this becomes
a complex problem. The F-equivalence approach is as follows: instead of trying
to directly find a feedback operator K, one attempts to simultaneously find a
mapping 7 and a feedback operator K such that 7 is an isomorphism and maps
the system (1) to an exponentially stable target system

(2) &,z = AIZ,

where A’ is a carefully chosen exponentially stable operator. If this can be done
then, as a consequence, the original system (1) is exponentially stable (with the
same decay rate).

The backstepping method, introduced in 2003 by Krstic and several collaborators,
relied on this paradigm and suggested looking for 7 in the form of a Volterra
transform, which led to many proven results. Another method, sometimes called
Fredholm backstepping, and relying on more general transformations, was intro-
duced in 2013 by Coron and Lu for a particular case. We present a new method
[3] to generalize the F-equivalence approach to generic systems where A is skew
adjoint with eigenvalues scaling more than linearly, B is admissible, and the sys-
tem is exactly null controllable. In particular, this allow to solve an open question
presented at the College de France in 2017. The hope is that the F-equivalence
approach can provide quantitative estimates of T" and K with respect to A and can
extend locally to nonlinear systems, even for systems where classical perturbation
arguments do not apply.

2. TRAFFIC FLOW STABILIZATION

We examine a particular problem: the stabilization of traffic low. In traffic,
when the density of cars is high, the uniform flow steady-state becomes unstable
and stop-and-go waves appear, resulting in a phenomenon commonly known as a
traffic jam. Our goal is to stabilize these uniform steady-states. Our approach
is to use autonomous vehicles (AVs) as controls on the traffic. The resulting
mathematical system is modeled by one or several PDEs coupled with an ODE:
the PDE(s) represent the bulk of traffic, while the ODE represents the location of
the autonomous vehicle. The PDE model could be, for instance, the LWR, model

(3) Orp+ 9:(pV (p)) =0,

where V is a function that is concave and C?. A more realistic approach would
be to consider a second-order model, for instance, the Generalized-ARZ (GARZ)
equations

) {atp+ax(pv(p’w)) =0,

O (pw) + 0z (pwV (p,w)) = 0.
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The dynamics of the AV’s location y(t) can be modeled by

() §(t) = minfu(t), V(p(t, y(t)+), w(t, y(£)+))},

where wu(t) refers to the control, and for a BV function f, f(y(t)+) refers to the
right limit at y(¢). The min comes from the fact that the AV cannot move faster
than the traffic flow in front of it (to avoid a crash). This system has both practical
and mathematical interests. From a practical perspective, reducing stop-and-go
waves could lead to a significant reduction in fuel consumption and COs emissions,
as well as safer traffic. From a mathematical perspective, the PDE/ODE system
modeling this situation is interesting in that the relevant physical solutions are not
the entropic solutions, usually considered as the natural solutions for hyperbolic
systems and studied for decades. More specifically, the physical solutions are
not necessarily entropic at the AV’s location. For this reason, we need a new
condition to replace the entropy condition at the AV’s location. We use a flux
condition similar to the Delle Monache-Goatin flux condition

(6) Pt y(O)(V (p(t, y (1), w(t y (1)) — ) < amax(p(V(p,w) — u(t)))

where a € (0,1). We present an existence result (in the class of BV solutions,
entropic outside of the AV’s location) for a solution to the Cauchy problem (4)—(6)
for any initial condition (in the same class), provided that the control is constant
[5]. The question of a time-varying control and, a fortiori, of the stabilization
problem is widely open.

We also present field experiment results obtained in Nashville, TN in November
2022 as part of the CIRCLES project, where 100 autonomous cars were sent on a
highway in dense traffic during peak hours, showing that our candidate controller
drastically reduces the speed variance of the stop-and-go waves [4].

3. AT FOR MATHEMATICS

AT has seen many successes in the last decade, especially in natural language
processing. A natural question we would like to ask is:

Can an Al learn mathematics in some sense?
We focus on two interpretations of this question:

e Can an Al predict the solution to an advanced mathematical problem?
e Can an Al prove a mathematical statement and provide a proof?

The answer to the first question seems to be yes. In several works, a trained Al
model (a Transformer) managed to predict the solution to several mathematical
problems, for instance, predicting explicit solutions to ODEs, the controllability
of the linearized system given a nonlinear system, or a suitable feedback law [2].
We illustrate with two examples how this approach can assist mathematicians in
solving open problems. The first one is a preliminary neural network trained to
find Lyapunov functions for a nonlinear system, which is a general open question.
The second one is a mix of deep reinforcement learning and mathematical analysis
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[1] that allowed the finding of a control feedback law and the stabilization of a
system for which finding such a feedback law was an open question until now.

Regarding the second question, we present a work [6] inspired by AlphaZero, where
we train a neural network to demonstrate (small) mathematical statements and
provide proof. This neural network is capable of demonstrating high school or
undergraduate exercises and some exercises from the International Mathematical
Olympiads.
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Convex Optimisation Methods for Variational Mean Field Games
DANTE KALISE
(joint work with Luis Bricefio-Arias and Francisco J. Silva)

We discuss the numerical approximation of stationary mean field games [1]
—o*Av(z) + H(x, Vu(z)) — A= f(z,m(x)) in T?,
—o?Am(z) = V- (0p,H (z, Vo(z))m(z)) =0 in T¢,

m >0, /mdwzl, /vdsz,
Td

Td

(MFG)

by convex optimisation methods. Under suitable hypotheses on the coupling term
f and the Hamiltonian H, we begin by defining the momentum variable w(z) =
—0pH (z, Vu(z))m(z) and reformulating the MFG system as a PDE-constrained
optimisation problem
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min / bz, m(z), w(z)) + Flz,m(z)) dz

(m.w)
(0Cx) : B :
st. —a*Am(z) + V- (w(x)) =0, and /mdx =1,
Td

where
x,u)dy ifm >0,
Fle.m) = 0ff( 1) dp >
+00 otherwise
and

mH*(x,—2) ifm>0,
b(x,m,w):=<0 if (m,w) = (0,0),
400 otherwise .
Here, H*(x, p*) denotes the convex conjugate H*(x,p*) = —inf{H (z,p) — (p*,p) }.
P

Assuming f(x,m(z)) increasing in m, (OCs) is a convex optimisation problem
[10, 11]. This variational formulation is related to other problems of interest, such
as:

e the Schrédinger Bridge problem [4, 5]
e 5
min — m(x,t)|u(z,t)|*dzdt
(m,u) 2 0 JRrd
s.t.

Bym(z,t) + V - (m(z, t)u(z, b)) — %Am(m, ) =0,

m(z,0) =mo(x), m(z,1)=m(z),

which in the deterministic limit (¢ = 0) corresponds to the Benamou-
Brenier formulation of the optimal transport problem [2, 3].
e the JKO scheme for gradient flows [6]

Om =V - [pV (U’ (m) +V + W xm)]

where, at every discrete time step, the mass is recovered as the solution of
at inf { = Wy(m) F(m;U,V,W
ma; € argnm A a(mry, m) + F(m; U, V, W),

and the Wasserstein distance W, can be computed using a similar formu-
lation as in (SB) above [7].
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The construction of a numerical scheme for these problems begins with a suit-
able discretization of the transport equation and the cost, leading to

( min ) B(xi,j;mi,j;wi,j) + F(xij,m; ;)
Mhp,Wh)

i,
(OCch)y:{st Apmp+ Byw, =0, Vi,j=1,...,N,

E h2m7;7j = 1,
.3

where b(m, w) = b(m, w) + trx x (m, w), with K := Rt x R~ x R* x R~. Problem
(OC™) belongs to a class of convex optimization problems of the form

min &(y) + ¥ o C(y)

where ®, ¥ are convex, l.s.c, proper functions, and C' is a linear operator. Algo-
rithms for this class of problems rely on duality and on the proximal operator

1
prox, ¢ (v) := argmin (f(x) + ﬁHx — v||2> .

Within a wide class of suitable convex optimisation algorithms, we focus on the
application of the primal-dual algorithm proposed by Chambolle and Pock [8, 9].
Given «,7 > 0, such that y7 < ||C||| 72, the iteration reads:

okt = Prox., g« (% +~yC7")
Yy = prox ¢ (y* — 7C ")
Gl — g E T gk

We discuss convergence to the solution of (M FGy,), assignments for & and ¥,
and the effective computation of proximal operators.
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Structure of non entropy solutions to scalar conservation laws
EL10O MARCONI

We consider bounded weak solutions of conservation laws of the form
(1) O+ divy(F(u)) =0, u:RxR?—=R, F:R—R%L

In particular we are interested in solutions with finite entropy production, namely
solutions for which for every smooth entropy-entropy flux pair (1, @) the distribu-
tion
fin = Opn(u) + dive (Q(u))

is a locally finite Radon measure. Compared to the more usual notion of entropy
solution we do not require that if 7 is convex, then p, is a negative measure.

These solutions arise in the study of large deviations for stochastic particle
scheme approximations of entropy solutions of (1) (see [11] and the recent results
in [10]). A variational point of view investigated in [3] relates this problem to the
following control problem for conservation laws in dimension 1: given € > 0 and
ue, let E. be such that

(2) Opue + 02 (F (ue)) = €0zt + OnEe

and set I, (uz) = min [p, E2dzdt, where the minimum is taken among the functions
E. satisfying (2).

It is well known that if u. solves (2) with E. = 0, the family u. converges to
the entropy solution of (1) as e — 0.

An interesting regime is when e 11 (u.) remains bounded: in this case it is
shown in [3] that u. converges up to subsequences to a solution with finite en-
tropy production. Moreover the I'-convergence of e~'I, is investigated: a natural
candidate H is proposed as well as a proof of

H<T—liminfe 'I..
e—0

The functional H can be described in terms of the entropy production measures
e in the case of the Burgers equation F'(u) = u? we expect that it coincides with

1
H(u) = 8 /J+ lut — u_|3d7-[1,

where H! denotes the one-dimensional Hausdorff measure and J; is the subset of
the jump set of u where the right trace u™ is larger than the left trace u~, namely
the non-entropic shocks.

In order to complete the analysis we need to build a recovery sequence for this
functional: it can be done for solutions with some additional structure (see the
notion of entropy-splittable solution in [3]). It would be sufficient to check that
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these solutions are dense (in energy) in the class of solutions with finite entropy
production, alternatively we should provide some different procedure to produce
a recovery sequence directly for a general solution with finite entropy production.

In both cases it seems that a better understanding of the structure of solutions
with finite entropy production is needed.

The general picture is that solutions with finite entropy production share several
fine properties with solutions with bounded variation, even if in general they do
not belong to BV. It is shown in [7] (in dimension 1) and in [5] in several space
dimensions that under mild nonlinearity assumption on F' for any solution of (1)
with finite entropy production we can define a co-dimension 1 rectifiable jump set
J with the following properties:

(1) every (t,x) ¢ J is a point of vanishing mean oscillation;
(2) for He-a.e. (t,z) € J there are strong traces u* in L!.

One may wonder if vanishing mean oscillation points are Lebesgue points (at
least H%-a.e. as it happens for BV functions). A partial result in this direction
has been obtained in [6] for d = 1 and in [8] in several space dimension: in both
cases it is shown that the singular points has co-dimension (at least) 1.

Since the candidate I-limit functional H introduced in [3] can be written in
terms of the measures f1,, a desirable property that BV solutions enjoy and we
would like to prove for general solutions with finite entropy production is that for
every 1 the measure p,, is concentrated on J,,. This is proven for Burgers equation
in [9], and it is possible to extend this result to general conservation laws in the
case d = 1 with similar techniques [2].

The results in [2, 8, 9] relies on a 'Lagrangian’ description of the solutions of
(1) developed in [4, 8]: inspired by the Lagrangian techniques introduced in [1]
to study the linear continuity equation, we consider the kinetic formulation of
(1) and we provide a decomposition along characteristics of the kinetic function
associated to the solution of (1). A useful feature of this technique is that it allows
to exploit some geometric constraint on the underlying characteristics structure
of these solutions, despite they are a priori merely bounded. Since the geometry
if d = 1 is simpler compared to the case of several space dimensions, this may
explain why, using these techniques, we obtain better results when reducing to
one space dimension.
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Optimization by kinetic equations
LORENZO PARESCHI

Since its introduction n the late 1980s [14], simulated annealing has become a
popular optimization algorithm, and its applications have expanded to many fields,
including artificial intelligence, machine learning, and operations research. The
algorithm was developed as an extension of the Metropolis-Hastings algorithm,
a Monte Carlo method used for simulating complex systems in physics [15], and
adapts the concept of annealing to optimization problems by viewing the process
of slowly cooling a material as a search for the lowest-energy state of the system.

Simulated annealing is similar to other metaheuristic algorithms such as genetic
algorithms, ant colony optimization, particle swarm optimization and consensus
based optimization in that it is based on the idea of exploring a large search space
to find a global optimum without using gradient-based information. However,
simulated annealing is distinct in that it uses a single solution-based probabilistic
approach to accept worse positions in the hope of finding a better one, whereas
other metaheuristic algorithms often use a population-based approach and other
stochastic strategies.

By applying the above concepts, metaheuristic algorithms have been able to
make significant advances in the search for valuable solutions to challenging opti-
mization problems out of reach of traditional (gradient-based) methods. However,
proving the rigorous convergence of metaheuristic optimization algorithms to the
global minimum for non convex functionals, or to some reasonable approximation
of it, remains a challenge. Indeed, metaheuristics involves the creative use of avail-
able resources to find efficient solutions without necessarily relying on a rigorous
mathematical foundation that provides an analytical setting.

On the other hand, metaheuristics share similarities with statistical physics
since they both deal with the complexities of large systems. The principles of
statistical physics are versatile and powerful, providing insight into the behavior
of large systems in a wide range of fields, from materials science to biophysics. By
drawing upon the principles of statistical physics, it may be possible to provide a
solid mathematical foundation to these class of optimization methods and develop
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more effective and efficient optimization algorithms that can handle increasingly
complex problems and larger search spaces.

Mean field equations and kinetic equations are among the concepts in statisti-
cal physics that are most relevant to optimization. Mean field equations describe
how each particle in a system interacts with a theoretical ”average” field created
by all the other particles in the system. This provides insight into the behav-
ior of large systems, making it possible to predict macroscopic properties such
as temperature or pressure. Kinetic equations, on the other hand, describe the
evolution of a particle system, considering the interactions between particles as
instantaneous, microscopic collisions [18]. Recently, these ideas have led to a new
view of methaeuristic optimization by considering the corresponding continuous
dynamics described by appropriate kinetic equations of Boltzmann type [3] and
mean-field type [4, 6, 16, 13] even in constrained contexts [1, 11, 9, 10], multiob-
jective situations [2], or in generalizations to sampling [5]. See [17] for a recent
survey.

In this talk we will focus our attention on one of the most notable examples
of metaheuristics, namely the simulated annealing algorithm. This algorithm was
inspired by the Monte Carlo algorithm developed by Metropolis et al. in the
middle of last century. We show how classical tools of kinetic theory can be used
to describe the Markov process which characterizes the method and show how its
convergence to the global minimum is related to classical functional inequalities
based on the so-called entropy method [8].

Furthermore, the continuous setting based on kinetic PDEs permits to investi-
gate the relationships with Fokker-Planck equations describing the so-called mean-
field Langevin dynamic [7, 12]. In particular, we illustrate how to formally derive
the corresponding mean-field model taking a suitable scaling limit of the linear
kinetic model describing the simulated annealing. This has been generalized to
other types of kinetic equations describing variations of the simulated annealing
method that avoid the acceptance-rejection process. Numerical evidence of such
asymptotic behavior has also been discussed through simulation examples. From
a mathematical viewpoint let us finally mention that several challenging questions
remains open, like estimating the rate of convergence to equilibrium in the differ-
ent functional spaces and analyzing the convergence properties of the Maxwellian
variant here introduced. We leave these aspects to future researches.
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Peculiarities of non-homogeneous conservation laws
VINCENT PERROLLAZ
(joint work with Rinaldo M. Colombo, Abraham Sylla)

It might be surprising to realize that in the context of

{atu +0n f(x,u) =0,

S (0, +) = uo.

the hypotheses of Kruzkov seminal existence result [4] may appear too restrictive.
More specifically in the context of (1) — one space dimension and no source term
— Kruzkov hypotheses include:
(K) Sup  — 8§uf(xa U) < +o0.

(z,u)€R?
Even within the context of regular flux functions f, some reasonable models are
not directly covered. For instance, when considering a LWR model for traffic flow
where the number of lanes and the speed limit may vary:

0up(t.5) + 0. (plt.Dpomaste) (1~ L2 ) o

Pmax(T)
reasonable assumptions on the functions vyax and ppax could be

(2) Ve €R, 0<v<vnax(r) <0, 0<p< pnax(®) <P

with pl .. € C3(R) and v}, € C2(R). This puts the model out of the scope of a
direct application of Kruzkov existence result.

In [2], we provide an alternative framework of hypotheses on the flux f which al-
lows us to still get a semigroup generated by the entropy solutions. More precisely

we replace hypothesis (K) by
(9] VfeR, AU €R, Y(z,u) €R?, |f(z,u)| < f = |u|<U.

Let us briefly explain the role that this coercivity hypothesis play in our construc-
tion. The family of constant functions plays a central role in most techniques in
the case of an z-independent flux. For instance, when combined with a locally
contractive semigroup in L', it provides a priori L> bounds. We detail, using our
hypothesis (C), the construction of an alternative family of — possibly discon-
tinuous — stationary solutions in the context of equation (1). We first make use
of tools of differential topology to build such families for a special class of fluxes
with nice geometric properties. We then use the method of compensated compact-
ness to extend the result to a class of fluxes satisfying (C) (and some technical
hypothesis which we expect could be relaxed).

In addition to the a priori L bounds granted by this family of stationary
solutions, we use the method of vanishing viscosity and again compensated com-
pactness to obtain the existence of a semigroup (SF%),-, whose orbits are the
unique maximal entropy solutions of (1). As a byproduct of this construction we
also obtain the existence of a semigroup (Sf/%),., whose orbits are the unique
maximal viscosity solutions of the following Hamilton-Jacobi equation
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8,5U + f(if, 89,;U) S 0,

) U(0,-) = Up.

Of course, since they are both obtained as singular limits of regular viscous ap-
proximations, those semigroups are shown to be related according to the following
commutative diagram
v, — SHU,
o, | 0,
Uy — Stc Uo

where the derivation J, is taken in the distributional sense. A somewhat surprising
fact is that the continuity properties and stability properties of the semigroups are
not in full correspondence.

Finally, following [3], we describe why — even in the simplest case where the
flux f is convex in u — the entropy semigroup is actually more singular than in
the z-independent case. This phenomenon appears naturally when investigating
the inverse design sets associated to (1)

IT(U)) = {UO S LDO(R) : SQQLU,O = w}

The connection between entropy solutions of equation (1) and viscosity solutions
of the Hamilton-Jacobi equation (3) is key for this analysis.

To be specific, we show in [1] for the case where the flux f does not depend on
x that whenever w € L*°(R) is such that I7(w) # ) — i.e. w is reachable — then
there is at least one initial data ug such that the solution t — StC Ly is isentropic
between ¢t = 0 and ¢t = T'. Since the isentropic solutions are in some sense the
topological closure of the classical solutions, this means that to understand the
range of the semigroup one needs only to consider the classical solutions even
though the blowup in time is generic with respect to initial data. In contrast, we
show in [3] that when the flux f does depend on x then some states are reachable
but a minimal entropy price has to be paid to reach them.
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Understanding Consensus-Based Optimization:
Two Analytical Perspectives

KONSTANTIN RIEDL
(joint work with Massimo Fornasier and Timo Klock)

Consensus-based optimization (CBO) [1] is a multi-particle derivative-free opti-
mization method capable of globally minimizing high-dimensional nonconvex and
nonsmooth functions £ : R? — R, i.e., solving problems of the form

¥ € argming cpa ().

Inspired by consensus dynamics and opinion formation, CBO methods employ a
finite number of agents X', ..., X to explore the domain and to form a consensus
about the global minimizer z* as time passes. More concretely, for a discrete time
step size At > 0 and user-specified parameters o, A\,oc > 0, the time-discrete
evolution of the i-th particle X? is defined according to the iterative update rule

(1) Xp=Xji_ - ANXi_, —25(pn_,)) + odiag(X}_, —25(ph_1)) Bi,

where ﬁff = % Efil é Xi is the empirical measure of the particles at time step k
and where B} are i.i.d. Gaussian random vectors with zero mean and covariance
Atld. Moreover, ¢ denotes the so-called consensus point, a weighted average of
the particles’ positions, which is computed for a measure g € P(R?) according to

£ wé () £
@ afe) = [artE del), with wE(e) = exp(~a (),
Wil Li(o)
In what follows and as illustrated in Figure 1, we provide insights into the
internal mechanisms of CBO from two analytical perspectives.

% Global minimizer z* % Global minimizer z*
o Initial positions of fixed particles Sample locations of consensus point

Sample trajectories for each fixed particle
—— Mean trajectory for each fixed particle 6F

2.5 = - ) L L )
-2.5 0 2.5 5 -2 0 2 4 6 8

(a) CBO convexifies any nonconvex prob- (b) CBO can be interpreted as a stochas-
lem in the mean-field limit, see [2, 3]. tic relaxation of gradient descent, see [4].

FiGURE 1. Illustrations of the internal mechanisms of CBO,
which are responsible for the success of the method.
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First, based on an experimentally supported intuition that, as the number of
particles goes to infinity in the continuous-time analogous of (1), i.e., in the mean-
field limit, which is captured by the nonlinear nonlocal Fokker-Planck equation

0'2 d 2
(3) Orpr = Mdiv((z — x5 (p1)) pe) + 5 > O ((ﬂ? —25(p1)) Pt) ;
k=1

CBO always performs a gradient descent of the Wasserstein distance to the global
minimizer (see Figure la), we present a novel technique for proving global con-
vergence in mean-field law for a rich class of objective functions. More precisely,
when analyzing the quantity W2 (py, d,«) we observe the following.

Theorem 1 ([2, Theorem 12] and [3, Theorem 2]). Let the objective £ € C(R?)
satisfy ||v — z*|| ., < (E(z) — inf €)"/n for allz € R with constantsn,v > 0. More-
over, let pg € P4(R?) with z* € supp(pg). Then, for anye >0, v € (0,1) and with
parameters \, o > 0 obeying 2\ > o2, there exists ag = ag(e,7, A, 0,d, 1,1, po)
such that for all > a a weak solution (py)iejo,r+) to (3) satisfies W3 (pr,dz+) =
e, where T € | 1y T*,T*] with T* = WM log (W3 (po,02+)/€). Further-

14+~/2
more, on the time interval [0,T], it holds
(4) W3 (pe, 8-) < W3 (po, 8-) exp (—(1 =) (2A = o) t).

From this result it becomes apparent that the hardness of any global optimization
problem is necessarily encoded in the mean-field approximation, i.e., in the way
how the empirical measure of the finite particle dynamics is used to approximate
the mean-field limit. In consideration of the central significance of such approxi-
mation with regards to the overall computational complexity of the implemented
numerical scheme, we discuss a probabilistic quantitative result about the con-
vergence of the interacting particle system towards the corresponding mean-field
dynamics, for which we refer to [2, Proposition 16]. While the observed conver-
gence rate is of order N1 in the number of particles N, the constant in this ap-
proximation depends exponentially on the parameter «, which in turn depends in
worst-case scenarios linearly on the dimension d. Characterizing more insightfully
the dependence of « on properties of specific classes of objectives remains an excit-
ing open problem for future research. A combination of the former results yields
a holistic convergence proof of CBO methods on the plane, see [2, Theorem 14].
This analytical framework has allowed to obtain convergence guarantees for several
variants of CBO including CBO with memory effects and local gradients [5], CBO
with truncated noise [6], constrained CBO [7], CBO for multi-objective optimiza-
tion problems [8], CBO for saddle point problems [9], and FedCBO for clustered
federated learning problems [10]. Moreover, it may permit to prove convergence
for other metaheuristics, such as the particle swarm optimization method [11].
Second, by turning our back on the previous mean-field-focused analysis point
of view and by leveraging a completely nonsmooth analysis, which combines a
novel quantitative version of the Laplace principle (log-sum-exp trick) and the
minimizing movement scheme (proximal iteration), we interpret CBO as a sto-
chastic relaxation of gradient descent (see Figure 1b), thereby providing a novel
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analytical perspective on the theoretical understanding of gradient-based learning
algorithms. We observe that through communication of the particles, CBO ex-
hibits a stochastic gradient descent (SGD)-like behavior despite solely relying on
evaluations of the objective function. More rigorously, it holds the following.

Theorem 2 ([4, Theorem 1]). Let the objective & € CH(R?) be L-smooth, A-
convex and satisfy minimal reqularity assumptions. Then, for 7 > 0 (satisfying
T < 1/(=2A) if A < 0) and with parameters o, X, o, At > 0 such that a 2, Ldlogd,

the iterates (ngo)k:() _____ K Wwith a:gBO =z (,?)\fcv) follow a stochastically perturbed
GD, i.e., they obey

CBO __ ,.CBO CBO
xp " = xpy — TVE(TEZT) + gk,

where gi 18 stochastic noise fulfilling for each k = 1,..., K with high probability
the quantitative estimate ||gi|, = O(|A — 1/At|+ oV At + \/T/()é-i-N_l/Q) +0O(1).

The fundamental value of such link between CBO and SGD lies in the formerly
established fact that CBO is provably globally convergent, hence, on the one side,
offering a novel explanation for the success of stochastic relaxations of gradient
descent, and, on the other side and contrary to the conventional wisdom for which
zero-order methods ought to be inefficient or not to possess generalization abili-
ties, unveiling an intrinsic gradient descent nature of such heuristics. With this
we furnish insights that explain how stochastic perturbations of gradient descent
overcome energy barriers and reach deep levels of nonconvex functions.
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Modeling and management of gas flows across junctions
MASSIMILIANO DANIELE ROSINI
(joint work with Andrea Corli, Ulrich Razafison)

This presentation focuses on the mathematical theory of flows on networks, which
finds diverse applications in areas such as vehicular traffic, supply chains, and data
networks. Specifically addressing gas flows, the talk delves into the challenges of
modeling and mathematically analyzing these flows at different nodes connecting
pipes with possibly different sections. This includes the consideration of various
devices like junctions, compressors, valves and control valves.

We underline that control and optimization theory plays a crucial role in gas
flows on networks, given its wide-ranging applications in various engineering and
industrial systems.

A common challenge encountered in these systems is the phenomenon of chat-
tering of the devices, characterized by a rapid switching on and off at critical
states. This behavior corresponds to the mathematical concept of coherence of
the corresponding coupling Riemann solver (c-Riemann solver). In control theory,
a similar phenomenon is represented by a bang-bang controller.

Our primary objective is to establish a general framework for constructing and
studying properties of a c-Riemann solver. The solver’s properties, including in-
variant domains, Li. _-continuity, consistency, and coherence, are examined and
applied to widely used models.

We consider along the pipes an isothermal plug flow as described by the one-
dimensional Euler equations, which express conservation of mass and linear mo-
mentum in the absence of viscous effects. The Riemann problem, a critical com-
ponent in solving these equations, is introduced along with the Rankine-Hugoniot
conditions and Lax curves. At the nodes we consider c-Riemann solvers, detailing
the notation and definitions.

Special attention is given to self-similar c-Riemann solvers, particularly in sce-
narios where a gas flows through a device, causing a loss of momentum conser-
vation. On the other the conservation of mass at the node is typically ensured,
leading to the definition of coupling functions and the corresponding c-Riemann
solvers.

The presentation explores then the coherence of c-Riemann solvers, emphasizing
its importance as a stability property. Various properties and sufficient conditions
for coherence are discussed, providing insights into the analytical and numerical
stability of solutions. The talk concludes with a comprehensive overview of valves,
showcasing examples and addressing challenges related to coherence, consistency,
and L{ -continuity. Theoretical and practical approaches to mitigate or to avoid
chattering in valves are presented, offering a glimpse into the ongoing research
endeavors in this fascinating and complex domain.
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The turnpike property for mean-field optimal control problems
CHIARA SEGALA
(joint work with Martin Gugat, Michael Herty)

In this work we study the turnpike phenomenon for optimal control problems with
mean field dynamics that are obtained as the limit N — oo of systems governed
by a large number N of ordinary differential equations. We show that the optimal
control problems with with large time horizons give rise to a turnpike structure of
the optimal state and the optimal control. For the proof, we use the fact that the
turnpike structure for the problems on the level of ordinary differential equations
is preserved under the corresponding mean-field limit.

1. THE OPTIMAL CONTROL PROBLEM

From a mathematical point of view, a multiagent control problem is described
by minimization of an integral objective functional subject to a constraint that
is the complex dynamic depicted by a system of ordinary differential equations
(ODE). The formulation of an interacting particle system at a microscopic level
requires the study of large-scale systems of agents (or particles) and it requires
a considerable effort both from a theoretical and numerical point of view. We
may consider a different level of description, that is the derivation of mesoscopic
or mean-field approximations of the original dynamic. Here, the density of the
particles is obtained as the number of particles tends to infinity. Of particular
interest is therefore the design of controls in the mean-field control approaches.
In this work, we focus on the turnpike phenomenon for optimal control problems.
This topic has been studied recently for example in [1, 2, 3], and it concerns
relations between the solutions of dynamic optimal control problems with objective
functionals of tracking type and the corresponding static optimal control problems.
The turnpike property states that the distance between the dynamic and the static
optimal solution is small, in particular, for large time intervals. Hence, it allows
to use this information about the structure of the dynamic optimal control to
reduce the cost to obtain a numerical approximation by using the static optimal
control that can be obtained more easily. In this work we consider the turnpike
property with interior decay, which describes the situation that in the interior of
the time interval, the distance between the dynamic optimal control/state pair
and the corresponding static solution is often very small for sufficiently large time
horizons. We are interested in particular on the question whether the turnpike
property of a system persists in the limit of infinitely many ODEs and under
which conditions such a turnpike property holds true on the mean-field level.

We consider the control of high-dimensional nonlinear dynamics accounting for
the evolution of N agents at the microscopic level and, the mean-field dynamics
given by a non-local transport equation for the density of particles at position
r € R? and time ¢t € R*. The initial particle density p’(z) is given and the
control action is modeled by an additive term in the partial differential equation
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(PDE). More specifically, we consider a PDE of the type

(1) Bupalt, @)+ 0 (P )t @) + ut, 2)) it 0)) =0, pla,@) = 1),

where * denotes the convolution operator, the function P is given, and the real
positive number a is the initial time. We consider an optimal control problem for
a finite large time horizon, subjected to system (1). The objective function that
we want to minimize depends both on the control and the state

b
oy (1 ) = / Fult, @), u(t,z)) dt,

for a given real-valued function f
(2) fp, w) =/ (L(x) + W(u(t, x))) du(t, z),
Rd

and a time interval [a,b] with a < b real positive numbers. We define the para-
metric mean-field optimization problem

Q(a, b, u°) : mgn.](m by (1, )

subject to (1). We define the optimal value of the mean-field limit problem
Q(a, b, u°) as V(a, b, u°). The existence of solutions for Q(a, b, ") is guaranteed
by Theorem 5.1 in [4].

2. THE STRICT DISSIPATIVITY INEQUALITY

We assume that the optimal control problem satisfies a strict dissipativity assump-
tion, i.e. for all 7 € [a, b]

|tttz ate, )y
> [0 (o= 6@+ utt.0) @) du, 0)

where f is the functional in (2).

(3)

3. THE CHEAP CONTROL CONDITION

For our analysis, a cheap control condition is essential. It requires that the optimal
values are bounded in terms of the distance between the initial state and the desired
static state. Given Cy > 0, for all initial times a > 0, terminal times b > a and
initial states p(a,z) = p°(x) € Pi(R?), we have

@ Via b i) <o [l =0 di(a)

(5) Co = (CL +ACy + 2cpc¢).

|~
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4. THE TURNPIKE PROPERTY WITH INTERIOR DECAY

We present a turnpike property for the optimal control problem Q(N, a, b, 1)°)
that follows from the dissipativity inequality and the cheap control condition. As
the name indicates, this property focuses on the situation that the set where the
distance between the optimal dynamic and the optimal static solution is small for
large b is located in final part of the time interval [a, b].

Theorem 1. Let A € (0, 1) be given, and the interval [a,b] with b > 0. Consider
the quantity

b
A.(b) = / / (e = 012 + a0 (8 @) = w2 i) (1)
a+A(b—a) JR?

where we define as fi(q,p,,0)(t, x) and Uqp, ,0)(t, ) the density and control respec-
tively at time t with initial condition p(a,x) = p°(x) = fiqpu0)(a,x). Then the
optimization problem Q(a, b, u°) has a turnpike property with interior decay in
the sense that

Cg

— z— @) a,x).
A0 < 552 [ o= 6@ duta.o)

where Co is as in (5).

Providing suitable assumptions to guarantee the existence of solutions in the
mean-field limit, we have proven the turnpike property on a mean-field level. Pos-
sible future work includes the numerical simulation and the extension e.g. to the
case that the microscopic model is governed by a second-order dynamics.
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[4

Regularity and Control for Conservation Laws with Space
Discontinuous Flux

LucA TALAMINI
(joint work with Fabio Ancona)

We consider the Cauchy problem for the scalar conservation law
. Opu(t,z) + 0z f (u(t, x), ) =0, (t,z) € [0,T] x R;
1 u(0,2) = uo(x), zeR
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where f is a discontinuous function

v z) = fitw), x<0,
flu,) {fr(u), x>0

Here fi, f, are strictly convex maps. Comnservation laws with discontinuous flux
have numerous applications; two well known examples are traffic flow with hetero-
geneous road conditions and two phase flow in porous media.

The discontinuity of the flux naturally leads to the study of infinitely many
L' contractive semigroups S*Z, each one associated to particular pair of values,
a connection (A, B), such that fj(4) = f.(B) and f/(A) < 0 < f/(B) (this is
a particular example of an L! dissipative germ, see [5]). Connections (4, B) are
introduced in [1], and the corresponding solutions are the ones that dissipate the
additional generalized Kruzkov entropy

AB |lu—A4|, x<0,
= |lu—B|, x>0.

In [3] and [4] we are mainly interested in a theoretical analysis of the solutions of
(1) associated to a connection (A4, B) and we address both control and regularity
problems.

Regularity and Exact Controllability. The attainable set at time T > 0 is
defined by

2) AAB(T) = {s;‘Buo | up € LOO(R)}.

Oleinik Estimates and Regularity. To understand the structure of A48 (T) we first
prove some adapted Oleinik estimates. In order to fix the ideas, assume z < 0 and
introduce the auziliary characteristics lines:

9 (): {x—(T—t).fl/(w(a?)), if 7-(3;) <t<T,
z (t—7(x))- f! (T(l (w(a:)))7 if 0 <t<7(x)

T, —

, t € 10,77

These are lines which proceed with the characteristic speed until they are refracted
by the interaction with the interface {x = 0} at time 7(z), according to the unique
transition map 7' _ such that the Rankine-Hugoniot conditions are satisfied. It
should be noted that these are not real characteristic of the solution due to the
presence of undercompressive zones at {x = 0}.

A first point that we make is that if w € AAB(T), then the lines 9, (t) are
monotone in z, although they are not characteristics. In turn, this yields a bound

of the form
(3) Opw < grL in D'(R7)

where gr : R~ — R™ is a continuous function with possibly a non integrable
singularity in = 0, i.e. it can happen that lim,_,o_ g(z) = +00 and moreover
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FIGURE 1. A shock in the solution is necessary to create the
discontinuity at (7', R).

g ¢ LY(R™) (only when f/(A) - f/(B) = 0). In fact in general w ¢ BV(R).
Nevertheless, a calculation shows that

fi(@) - gr(z) < O(1) - =

' T|z|'/3

which is integrable. Repeating the argument for > 0 yields f(w) € BV(R). From
this one also deduces Lipschitz in time regularity for the solution map ¢ — w(t,-)
for uniformly positive times.

Structure of AAB(T). As a second result, we fully characterize the attainable set
AAB(T) by the above Oleinik-like estimates plus additional geometric constraints.
To give a flavour of the geometric constraints, consider a profile w € A45(T) as in
Figure 1. To create the discontinuity at the point (7, R), a shock must be present
in the solution before time T'. To construct this shock one needs the shaded area to
be big enough, and this translates into a condition like w(R+) < ug, for some state
ugr. The tricky part is to characterize ug and to show that w(R+) < ug is also a
necessary condition. In [3] we characterize ur by a duality procedure introducing
a natural backward semigroup (see (4)) and we show that w(R+) < ug is also a
necessary condition by using an elementary comparison argument.

Initial Data Identification and Backward Semigroup. For w € L*°(R), our
goal will be to characterize the set

TpBw = {uo €L*(R) | SpBug = w}.

In particular, in [4] we prove that I{}B w is either a singleton or an infinite dimen-
sional cone. A distinctive feature is that this cone can be non-convex: this is in
contrast with the classical case of a single conservation law with convex flux, or
even a flux smoothly depending on space, in which the corresponding set of initial

data is always a convex cone (see [6], [7]).

An important point is the construction of a backward semigroup operator S,EFAB]_,
through which the vertex of the cone Z#Bw can be characterized as the backward
evolution of w: we prove that the vertex is exactly SFEFAB]_w. In addition to helping
in the proof, we believe that the backward operator has an independent theoretical
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interest by itself, therefore we sketch its construction. For a connection (A, B) we
define the dual objects:
(i) a dual flux, defined by
(ii) a dual connection (Z,
nection for the flux f(

z) = f(—x,u);

f(u,
B), which is uniquely determined by being a con-
u, ) with f,(B) = f,(A);

(iii) and a dual semigroup SE4, of AB entropy solutions for 1.
Then the backward AB-semigroup ST[WABF : L*° — L is defined by

(4) 877 w(@) = 878 (w(—))(~a).
Finally, using the backward AB semigroup, we prove the equivalence
we AB(T) — S#Po S;AB]_w =w

providing a more intrinsic, alternative characterization of the attainable set.
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Optimal control of scalar conservation law with particle
approximations

OLIVER TSE

This talk reports on recent (unpublished) work that introduces a convenient ap-
proach to analyzing and numerically solving optimal control problems of the form

(OCP) inf J(u) := ®(p(T)Leb), u€U(Q,M),

where [0,00) 3t — p(t) € L*(R) is a solution to a scalar conservation law
(SCL) Op+0:f(p) =0,  p(0) =u,

and

U QM) := {uEBV(Q) :0<u< M, /udmzl}, M € (0,+00),
Q
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is the family of admissible controls. Here, the terminal cost ® : P(R) — RU{+o0}
is a functional on the space of probability measures P(R) over R, which we assume
to be Wy-continuous, i.e. continuous w.r.t. the p-Wasserstein metric, and f(r) =
rB(r) is the fluz function, with § : [0, 00) — [0, 00) being a Lipschitz non-increasing
mobility function with 5(0) = Bmax > 0, = 0 on [M, +00) and smooth on [0, M).

An example of a terminal cost ® and mobility 8 to keep in mind is
1
Pp(R) 3 p > ®(p) = EWZ(/A v), v ePR),

[0,00) 37> B(r) = (1 = )",
where Pp(R), p € [1, 00] is the space of probability measures with finite p-moments.

While the solution theory for (SCL) is by now rather mature, the development of
optimal control theories for such equations has been slow due to issues regarding
the non-differentiability, in L!, of flows generated by solutions to (SCL), thus
rendering standard PDE constrained optimal control theory incompatible. Indeed,
although the map L' N L*®(R) > u — p € C([0,7]; L}(R)) can be shown to
be locally Lipschitz, it is in general not directionally differentiable if p = p|u]
contains shocks [8]. For this reason, new notions of differentiability (eg. shift-
differentiability) had to be developed to deal with the issues [1, 2, 3, 6, 7], which
subsequently led to rigorous studies of optimal control problems for conservation
laws, and for conservation laws on networks used in modeling, i.a., traffic flow,
gas networks, and product flow in supply chains. However, these new notions of
differentiability are often difficult to work with and this study originates from the
desire to address these issues.

Using a (follow-the-leader) discrete particle approximation of (SCL), one obtains
a discrete optimal control problem

(OCP,,) e b T R) = (T)Leb), M € (0,00),

where x = x(t) is the unique solution of deterministic particle approximation
1‘1:6(,0;(), i=0,...,n—1,

(DPA,,) by = B x(0) = x,
and the discrete density is defined by
n—1
px = prlKixa sz = [xiaxi+1)a
i=0
where
. h |
pfi=— 1=0,...,n—1, pn =0, h=1/n.
Tit+1 — Ty
Here,

H(QM) = {xeR”“:M(xiH—xi)Zh, i:O,...,n—l}.

denotes the family of admissible controls X.
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The discrete particle approximation (DPA,,) is known to converge to the Kruzkov
entropy solution of (SCL) [4, 5] and allows one to establish stability estimates
w.r.t. the p-Wasserstein metric. In particular, one obtains the following result:

Result 1: Let x,y be solutions of (DPA,,) with initial data X,y € £ ™(Q, M),
respectively. Then,

W, (p¥ (t)Leb, p*(t)Leb) < Wo. (p¥ (t)Leb, p*(t)Leb) V¢ > 0.

The convergence of (DPA,,) consequently provides the continuous counterpart of
the stability estimate:

W, (Si(w)Leb, Sy(u)Leb) < W, (wlLeb,uleb) Vit >0,
where u — St(u) is the solution operator associated to (SCL).

Moreover, the discrete optimal control problem (OCP,,) is shown to admit a
minimizer X" € #"(Q, M) for each n > 1 such that p*" € % (2, M). In addition,
the sequence (p*"),>; admits an accumulation point u* € % (Q, M) that turns
out to be a minimizer of the continuous optimal control problem (OCP), which
is a consequence of the following I'-convergence result, justifying the role of the
deterministic particle approximation (DPA,,) as a surrogate model for the optimal
control problem:

Result 2: The family of functionals {j "}n>1 defined by

n>1

3

Py {J (%) ifu=p%, x €M),

400 otherwise,

is (weakly) equi-coercive and I'yeqx.z1-converges to J.

In practice, one would like to numerically compute a minimizer of (OCP). The
previous result suggests that the numerical solution of (OCP,,) can be used as a
proxy for obtaining a minimizer of (OCP). One way of obtaining a minimizer of
(OCP,,) is utilizing an adjoint-based approach, which can be easily executed due
to the finite-dimensional nature of the problem.

The last part of the talk was devoted to an initial attempt to link the discrete
adjoint with its continuous counterpart and highlight the issues encountered along
the way. Under very restrictive assumptions on the behavior of the state p, one
obtains an equation governing the continuous adjoint equation. This leads to the
following conjecture for general states:

Conjecture: Let u € % (2, M) and p be its corresponding state satisfying (SCL).
Then, the associated adjoint equation for the adjoint state n reads

Ot(np) + 0z (nP(p)) = 0,

subjected to an appropriate terminal condition, where P(s) = sf’(s) — f(s).
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Neural Network approaches for High-dimensional Optimal
Control Problems

DEEPANSHU VERMA

Optimal Control (OC) problems are pervasive in various fields, from finance to ro-
botics, aiming to find a control policy minimizing a defined control objective func-
tional. Traditionally, Dynamic Programming is employed to solve these problems,
seeking the value function that assigns each system state the optimal cost-to-go
and satisfies the Hamilton-Jacobi-Bellman (HJB) equation.

The challenge lies in solving the HJB PDE for the value function. Traditional
numerical schemes suffer from the Curse-of- Dimensionality (CoD), where compu-
tational complexity increases exponentially with problem dimension. In order to
mitigate the CoD, we not only need to alleviate the need for spatial discretization
but also to effectively parameterize the value function in high-dimensions. This is
achieved by parameterizing the value function using NNs.

In [1, 2], we present neural-HJB approach for solving high-dimensional OC
(stochastic and deterministic) problems informed by control theory. Our method
leverages Pontryagin’s maximum principle to guide system sampling and obtain
the optimal control in real-time from the value function via feedback form. No-
tably, our learning is unsupervised, requiring no prior data to learn value function.
In comparison with Reinforcement Learning, a popular unsupervised learning ap-
proach for approximate policies. Our neural-HJB approach demonstrates improved
accuracy, reduced time-to-solution, and fewer PDE solves compared to RL while
approximating superior policies.
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Kinetic Modelling and Control of Multiagent Systems with
Missing Information

MATTIA ZANELLA

Kinetic equations play a leading role in the modelling of large systems of interacting
particles/agents with a recognized effectiveness in describing real world phenomena
ranging from plasma physics to multi-agent dynamics. The derivation of these
models has often to deal with physical, or even social, forces that are deduced
empirically and of which we have limited information [1]. To produce realistic
descriptions of the underlying systems, it is of paramount importance to quantify
the propagation of uncertain quantities across the scales.

We concentrate on the interplay of this class of models with collective phe-
nomena in life and social sciences, where the assessment of uncertainties in data
assimilation is crucial to design efficient interventions. Furthermore, to discuss the
mathematical interface of this class of models with available data, we derive the
evolution of observable quantities based on suitable macroscopic limits of classical
kinetic theory [2, 3]. Finally, we analyze how the introduction of robust control
strategies leads to the damping of the uncertainties characterizing the system at
the macroscopic level [4].
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Sidewise control
ENRIQUE Zuazua

Inspired on [1] and [4], we explored the lateral or sidewise control properties of
1-dimensional waves, a concept applicable to any spatial dimension. Drawing par-
allels with classical control and inverse problems in wave propagation, our focus
lies in influencing the behavior of waves on a portion of the domain boundary
through localized control actions on a distinct subset of the boundary. Unlike
classical problems, our objective is not the control of wave dynamics within the
domain but rather their boundary traces, constituting a goal-oriented controlla-
bility problem.

In the one-dimensional scenario, the typical aim is to govern the trace on one
end of the string by means of a control action at the other end.

Utilizing duality, we reformulated the lateral control problem, into a pertinent
observability inequality. This is applicable in any space dimension. This inequality
involves estimating non-homogeneous boundary traces of waves on a specific subset
of the boundary using measurements acquired on a different one. These inequalities
pose novel challenges that diverge from traditional techniques in the field, such
as Carleman inequalities, non-harmonic Fourier series, microlocal analysis, and
multipliers.

We introduced a distinctive one-dimensional solution method grounded in side-
wise energy propagation estimates, leading to a complete and precise solution.
This methodology extends to address 1-dimensional wave equations featuring BV-
variable coefficients. By combining it with fixed-point techniques as in [5], this
allows handling 1-dimensional semilinear wave equations.

In the multi-dimensional scenario, building upon [3], we demonstrated how
Fourier series decomposition facilitates addressing the problem, resulting in lateral
controllability properties in rectangular domains. Controls are applied on one side,
influencing dynamics on the opposite side. However, the attained results exhibit
an infinite loss (in Sobolev terms) on observed norms and controlled sources. To
deal with more general geometries, we introduced a geometric control condition of
microlocal nature, ensuring control towards targets defined on concave subsets of
the boundary of suitable domains.

Finally, we delved into the parabolic counterpart, introducing a novel transmu-
tation formula and establishing a connection between wave and heat equations, as
presented in [2].
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